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Abstract

Integrating  Artificial Intelligence (Al) into marketing has
revolutionised this field, offering new avenues of innovation and
efficacy. This study aims to unveil the prevailing trends and patterns
within the current academic literature about Al applications in

Resumo

A integracdo da Inteligéncia Artificial (IA) no marketing revolucionou
este campo, oferecendo novos caminhos de inovagdo e eficacia. Este
estudo tem como objetivo desvendar as tendéncias e padrdes na
literatura académica sobre as aplicagdes da IA no Marketing e propor

Marketing and propose future research directions. The study
conducted a comprehensive review by analysing 2,255 articles from
the Scopus database from 1980 to 2022, employing a Text Mining
approach and Latent Dirichlet Allocation (LDA) topic modelling. The
findings suggest trends in research topics of Learning Models, Expert
Systems, Natural Language Processing, Social Media, and Consumer
Centricity. Outlier topics related to Health, Market Forecast, and
Technology Impact on Youth have caught the researchers’ attention.
The associated challenges and risks, ethical considerations, and
practical implications were presented for each topic. This study
develops literature on Al-driven marketing by unearthing the trend
topics and suggesting a research agenda. At the same time, it offers
actionable insights for businesses to enhance consumer engagement
and ethical Al adoption in marketing practices.

diregdes de investigacdo futura. O estudo analisou 2.255 artigos Scopus
de 1980 a 2022, empregando uma abordagem de Text Mining e Latent
Dirichlet Allocation (LDA). Os resultados sugerem tendéncias em
tépicos de investigagdo de modelos de aprendizagem, sistemas
especialistas, processamento de linguagem natural, redes sociais e
centralizagdo no consumidor. Tépicos atipicos relacionados com a
saude, previsdo de mercado e impacto da tecnologia na juventude
chamaram a atengdo. Os desafios e riscos associados, as consideragdes
éticas e as implicagBes praticas foram apresentadas para cada tema.
Este estudo desenvolve literatura sobre o marketing orientado por IA,
revelando os tépicos de tendéncia e sugerindo uma agenda de
investigagdo. Ao mesmo tempo, oferece visdes praticas para as
empresas melhorarem o envolvimento do consumidor e a adogdo ética

Keywords: Artificial Intelligence; Marketing; Literature Analysis; Text ~ 9@ |A nas praticas de marketing.
Mining; Topic Modelling. Palavras-chave: Inteligéncia artificial; Marketing; Analise da Literatura;

Mineragdo de Texto; Modelagdo de Tdpico.

1. Introduction

Technological growth has brought significant changes, with Artificial Intelligence (Al) emerging as a crucial component for
developing marketing strategies (Cui et al., 2022). Al-driven technologies such as Google Assistant and Amazon Echo have
amplified the performance of companies like Google, Spotify, and Amazon, enhancing consumer interaction and improving
market forecasting and automation (Vlacic et al., 2021). Further, disruptive technologies, such as the Internet of Things (loT),
blockchain, big data analytics (BDA), and Al, have changed consumer behaviour, societal expectations, and the way businesses
operate (Verma et al., 2021). Al market has a current value of approximately $100 billion and is anticipated to flourish twenty
times by 2030, approaching $2 trillion (Bloomberg, 2022).

1.1. Background of Al in Marketing

Al can transform operational marketing activities and lead to successful marketing and sales strategies by translating big data
into useful information and knowledge (Paschen et al., 2020). Al’'s importance in marketing is evident as it enables scalable
personalised consumer relationship management and effective decision-making, maximising the use of technology and
information to provide consumer satisfaction and generate new “Al-designed” products (Stone et al., 2020). While research
on digital and technological evolution has rapidly evolved, only recently has research analysed the intersection of Al and
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Marketing (Davenport et al., 2020). Big data and Al became a top priority for developing the marketing industry, especially
after 2017, when it began to experience exponential growth in adoption by marketing managers (Mariani et al., 2022). Al is
highly relevant to modern marketing. Academics acknowledge Al as a critical element not only in advertising dimensions
(advertising process, advertising operation, advertising design, advertising production, and advertising execution) (Lee et al.,
2020) but also in each phase of digital marketing (e.g., programmatic advertising) (Kietzmann et al., 2018). Further, Al in
marketing research has generated comprehensive insight into its application in marketing. For instance, Al-driven chatbots
can improve consumer experience (Nguyen et al., 2022). The accelerated growth of intelligent advertising was driven by big
data, cloud computing, and algorithms, which can orient large-scale personalised activities (Esch et al., 2021). Al can also
create innovative retail stores, which enhance consumer experience (Sujatha et al., 2019). Al precision, efficiency, and
effectiveness are the key aspects that leverage accurate marketing activities.

1.2. Review-on-review analysis on Al in Marketing

Prior reviews contributed significantly to applying Al in marketing by investigating the effectiveness of Machine Learning
(ML) and bringing up issues with model transparency (Ma & Sun, 2020). They also analysed sentiment analysis and
advertisement optimisation (Verma et al., 2021). The rapid advances of Al in marketing research revealed ten themes
applicable to the current business environment in a multifaceted manner (Mustak et al., 2021). The research only offered
insight into the possibilities of using Al and not real-world examples. However, the ability of Al to mimic human actions and
mannerisms was investigated to unveil potential uses when conducting intelligent operations (Vlaci¢ et al., 2021). Further,
more researchers established the necessity for thorough evaluations of Al solutions while acknowledging limitations in their
review (Chintalapati & Pandey, 2022). Others clustered Al facets and connected research across areas, but they needed a
thorough, real-time overview (Mariani et al., 2022). Discovery of the different Al tools and techniques that assist consumers
to make better decisions without revealing the model that can be implemented to achieve that, limiting their detailed analysis
to Al techniques applied to consumer-related issues (Vaid et al., 2023). The revealing of the mystery of Al through
understanding its history, current boundaries, and its effect on interactive marketing is facilitated by Peltier et al. (2023).
However, they failed to present the results from over 300 empirical research studies that could have elaborated on Al core
elements and interactive marketing. A synthesis of the previous literature reviews is listed in Table 1.

Table 1- Synthesis of Al in Marketing Literature Reviews
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Our study presents a comprehensive analysis using Latent Dirichlet Allocation (LDA) for topic modelling, expanding beyond previous
reviews focusing on psychology, sentiment analysis, and ML. By incorporating insights from diverse fields, our approach addresses
the oversight of essential perspectives that contribute to a comprehensive understanding of Al applications in marketing. We
provide interdisciplinary insights that surpass traditional marketing or Al-specific contexts, identifying key topics and revealing
latent patterns. This analysis offers practical advice, emphasises cross-disciplinary uses, and highlights the importance of developing
trustworthy Al systems. Additionally, we detail Al's practical effects and marketing professionals' challenges and offer actionable
recommendations.

1.3. Importance of the current research synthesis

The study enhances Al in marketing literature, offering unique insights and practical advice for the multi-disciplinary use of Al in
marketing. It addresses key topics, including ethical implications and the need for trustworthy, explainable Al (XAl). The paper
outlines Al’s practical effects and challenges in modern marketing applications. It contributes significantly to the Al in marketing
debate by identifying issues and proposing solutions. Additionally, it serves as a step-by-step guide for marketing professionals
navigating the evolving Al landscape.

Therefore, this study attempts to fill the gap through an automated literature analysis on Al in the marketing research domain and
answering the following research questions:

e  RQI: What are Al in marketing research topics, and the relationship between them?
e  RQ2: What are the research trends and opportunities for future research directions for adopting Al in Marketing?

2. Method
2.1. Selecting Articles

Scopus is one of the most reputed publication databases for discovering relevant literature, has broader coverage, and includes
more than 20,000 peer-reviewed journals from different publishers (Fahimnia et al., 2015). Due to the broader coverage,
advanced search filters, and data analysis grids, it is considered the most organised database with the highest quality standards
for data collection, justifying the preference for this study (Kumar et al., 2020; et al., 2024; Ramos et al., 2024) It is internationally
recognised as one of the most relevant indexed researched publication databases in social sciences (Biscaia et al., 2024; Ramos et
al., 2019).

Researchers utilised the keywords "marketing" and "artificial intelligence." Additionally, synonyms (e.g., machine learning, deep
learning, natural language processing) were used for Al (Chintalapati & Pandey, 2022; Martinez-Lépez & Casillas, 2013; Verma et
al., 2021; Vlaci¢ et al., 2021). Researchers operated the search query in the Scopus database on January 26, 2023, to retrieve the
Al in Marketing published research. In the first screening, the researchers limited the search query to "title, abstract, and
keywords" fields; initially, 5,861 documents were returned, and subsequently, focused the search on articles written in English.
Articles are considered the most current and advanced knowledge sources (Rojas-Lamorena et al., 2022). This restriction reduced
the search results to the final dataset. In total, 2,255 articles were selected for analysis.

Figure 1 reflects the publication trend under Al and Marketing. Since 1980, 2,255 articles have been published, an average of
51.25 articles per year. However, between 2019 and 2022, 1,493 articles were published, an average of 373.25 articles per year.
These results reveal the increasing interest of researchers in this topic.
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Figure 1- Number of Publications per Year
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Source: Own elaboration.

2.2. Data analysis

Automated literature analysis uses text mining to parse documents and extract text contents into an organised structure (term
matrix). This term matrix comprises two dimensions, the words/terms (composed of n- words) and the documents. The intersection
of each word pair and document reveals the frequency of a word in the document (Delen & Crossland, 2008). Such an approach
permits us to analyse extensive bodies of literature, efficiently detecting underlying thematic structures, trends, and emerging
concepts (Moro et al., 2023). However, automated methods rely on statistical patterns and cannot fully capture qualitative
judgments, contextual subtleties, or the richness of diverse perspectives presented in the dataset.

Topic modelling was performed for data analysis, particularly LDA. It permits gathering massive amounts of textual information on
topics (Ramos et al., 2019). As an input, the text mining structure contains the relevant terms with their frequency in an organised
structure where the documents are categorised by topic (Blei, 2012). To conduct the topic modelling analysis, we built a corpus
that included the abstract of every article collected. This approach is consistent with other literature analyses using Topic Modeling
(Moro et al., 2023). Preprocessing was implemented to reduce subjectivity (Ribeiro et al., 2024). The preprocessing involved
eliminating stopwords, articles, and adverbs, transforming all words to lowercase, applying stemming, and lemmatisation to reduce
similar words into one.

Furthermore, we used the coherence score evaluation in this study, which calculates each category score by measuring the
semantic similarity degree between the most likely words, which means that when more words in each category appear in the
same texts together higher, the coherence score (Abdi et al., 2021). The Model uses the Coherence score as a metric to vary alfa
and beta to train the Model and get the best accuracy possible. We started with a DA coherence score of 0.417 and, at the end of
the model training, with a coherence score of 0.431, representing a 1,4% improvement over the baseline model when setting the
alpha to 0.2. Finally, we adopted an Intertopic Distance Map (IDM) to visualise the topics in a two-dimensional space, where the
area of each topic circle is proportional to the number of words belonging to each subject. This map is conceived using a
multidimensional scaling algorithm that converts a considerable number of dimensions to a reasonable number of dimensions. It
places the more strongly correlated topics (Bing-Xin Du, 2021).

Figure 2 consists of a visual scheme of the adopted approach in this study.
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All experiments were conducted in Python (programming language). Python is widely used for data science and statistical analysis.
It includes a vast collection of data analysis and visualisation packages and can analyse many data to solve complex problems
(Calderén-Fajardo et al., 2024; Song et al., 2021). Python Natural Language Toolkit package was used to conduct the preprocessing,
and the Sklearn package was used for the LDA analysis (Bird et al., 2009). For the coherence, score evaluation used the Gensim and
the pyLDAVvis packages for the IDM (Shetty & Ramesh, 2021).

3. Results and Discussion
3.1. RQ1: Marketing research topics and relationships among them

To acknowledge the research topics under the interest of researchers and answer RQ1, topic modelling, notably the LDA algorithm,
was performed. We tested the outputs to find optimal topics until a reasonable number of aggregated documents by topic was
attained (Ramos et al., 2019). The model was trained by applying several alpha and beta values to get the best coherence score
without creating a cognitive load regarding the number of topics. Figure 3 represents a visual representation of the eight topics
uncovered by the analysis. The size of each word indicates its relative frequency and importance within a given topic, with larger
words appearing more frequently in the analysed abstracts. This allows for a quick interpretation of the central themes and key
terms associated with each topic.
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Figure 3 - Topic's Word Cloud

per Yol mance appr oach ‘mar ket lﬂg
result learning s dat applicatic
pxoblemdatum”‘ atie technology dec1 sion
aper
mOdel e mar I<et 1ng beuxsplentetsi n p{C’l’e
method 45 now; velon
ne evelopment
qustomer, tochnlqm intelligence M‘ml s
paper machine accuracy ‘ S
support fagture ’ o ST Iﬂ
prediction hetwork P st y HIl'eA
Topic 1 — Learmng Models Topic 2 — Expert Systems
mining sent]_ment NEetlt mediumwebsite ad
information? researcl content
opl‘qllonana lySlS » ‘ twitter
' " P user edia
review language information
.x,te)ggmgiatumapp. oacl fldence web (fﬂYIJH
video | message YS€recommendat
lear nln p rOdUCt marketing wl-me m
result hOd 1mage community adver tlSan
technlque system wordprocessin Ve ementtweet !
Topic 3 — Natural Languate Processing Topic 4 — Social Media
crer - Cconsumer fryic@vel
Service ST ‘ o
methodolog 10fr -
"‘l‘,,‘{“”““”’StLde ~11‘-(t i
'(“?,' a,', (h finding brand (i g Ll:\':’,
value N
|“:li. .l" product 4. sign
§tor11er,1:.....f..v..
-.'«.',',v’i‘.- 1mp ication behavior
Topic 5 — Consumer Centricity Topic 6 - Health
production Droerai
salest, ategy
SyStem tock ~ d L e |
chatn series mar‘ket ) health
pI’I-IolfdLJCt ti tln]e 1 g : ‘(:: - \ ;
jecision agent ' .”1>ht { <t+i11e -
land oo, g ..-:,..,»_ . i ‘,, > & k!(!&l’_f:’ l
contr ' ¥
policy supply pl 1ce i
f?(’,ecasnt 1NE demandreasoning e xXeCLItiLvVe
Topic 7 — Market Forecast Topic 8 — Technology impact on youth

Source: Own elaboration.

For each topic, associated risks, challenges, ethical considerations, and practical implications were discussed.

Learning models (Topic 1) represent 28% of the tokes and 732 articles, emphasising terms like “model,” “data,” “method,” and
“prediction” linked to ML applications in marketing (Wang & Lin, 2023). Advances in data availability and hardware drive their
evolution, with developments with attack models, domain adaptation, and complex neural networks adapting to modern Al demands
(Ma & Sun, 2020). Generative Al enables highly personalised content and advertisements, dynamically responding to consumer
behaviour in real time, as seen in BERT and GPT applications (Hamacher & Buchkremer, 2022). Reinforcement learning refines decision-
making, improving consumer journey mapping and product recommendations, as implemented in Amazon’s recommendation engine
and dynamic pricing models (Ruiz-Lacaci et al., 2024). Data clustering and analysis further enhance consumer insights and targeted
strategies. However, such models risk limiting product diversity by proposing similar options (Amariles & Baquero, 2023). Despite their
strengths, learning models face limitations in capturing consumer behaviour complexities, including emotions and cultural factors,
undermining prediction consistency in dynamic real-world conditions (Blomster & Koivumaki, 2022; Christen et al., 2022). Bias from
unrepresentative data can lead to unfair outcomes, as seen in Amazon'’s recruiting tool (Kasem et al., 2023). Scalability is constrained
by the need for highly skilled professionals, and transparency issues erode trust, particularly in targeted advertising (Biswas et al.,
2023). Domain adaptation and advancements in human-robot interaction reduce errors and improve automated retail experiences
(Licardo et al., 2024). Smaller companies lacking Al access risk exacerbating inequalities (Amariles & Baquero, 2023). To address these
issues, learning models should enhance explainability, ensure ethical compliance (e.g., GDPR, CCPA), and avoid unfair advantages while
fostering inclusivity (Ferrario et al., 2020). Combining data science, marketing expertise, and ethical oversight can improve customer
trust. Tools like Google Analytics 4 provide insights while adhering to ethical standards (Omran et al., 2024). Ensuring high-quality,
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diverse datasets, robust training techniques, and continuous feedback systems enhances reliability. Regular audits and interactive
refinements maintain trust and model accuracy.

”u ”u

Expert systems (Topic 2) account for 22.5% of tokens and 639 articles, highlighting terms like “expert, marketing,” and

“intelligence,” reflecting their role in decision-making based on preset rules and specialised knowledge (Kanchanapoom &

system,

Chongwatpol, 2023). Their evolution has been driven by integrating Al, including hybrid models combining expert systems and deep
learning for tasks like consumer lifetime value prediction (Huang & Rust, 2022). Al-powered frameworks like IBM’s Watson enable
real-time, adaptative marketing strategies by merging predictive and prescriptive analytics for content optimisation and campaign
automation. These systems enhance decision-making by automating segmentation, pricing, and personalised recommendations,
boosting campaign precision and ROI (Flament et al., 2022; Schiessl et al., 2022). However, expert systems struggle to adapt to
rapidly changing behaviours and markets, relying on static rules that limit creativity and uniqueness in strategies (De Bruyn et al.,
2020; Paschen et al., 2019). Their dependency on data quality can lead to ethical and contextual risks, as seen in Target’s sensitive
data misuse (Paschen et al., 2019) and Kodak’s inability to adapt to digital trends (Mortara et al., 2010). High costs and integration
challenges, such as those faced by Procter & Gamble (Schafermeyer & Hoffman, 2016) and L’Oreal (Flament et al., 2022), further
limit accessibility for smaller enterprises. Bias in training data can perpetuate discriminatory practices, making transparency and
explainability vital for trust and compliance (Brkan & Bonnet, 2020; Malthouse & Copulsky, 2023). Building trustworthy Al requires
ethical standards that balance efficiency with fairness, ensuring inclusivity and avoiding manipulative practices (Schmidt et al.,
2020). Brands can enhance performance by using tools like real-time ad optimisation, Al chatbots (e.g., Sephora’s Visual Artist),
predictive analytics (e.g., Starbucks), and fraud detection systems (e.g., PayPal), tailoring offerings to consumer trends while
maintaining trust.

Natural Language Processing (NLP) (Topic 3) represents 12.2% of tokens across 246 articles, focusing on terms like “sentiment,”

”ou ” . "o

“analysis,” “product,” “text,” “image,” and “review.” Advances in computational power, datasets, and algorithms have driven NLP’s
growth, enabling efficient textual and visual data analysis to uncover consumer insights. Transformer models like GPT and BERT
enhance sentiment analysis and contextual understanding, improving consumer feedback interpretation and targeted marketing
(Shankar & Parsana, 2022). Companies like Salesforce use NLP to analyse social media interactions and boost engagement.
Integrating NLP with visual recognition enables multimedia content analysis, providing deeper insights into consumer attitudes and
enhancing campaigns (Choo & Kim, 2023; Nadeem et al., 2019). NLP also supports multilingual markets, bridging language gaps
and expanding global reach (Liu et al., 2021). However, limitations persist. NLP struggles with vague or out-of-context responses,
algorithmic bias, and ethical issues, such as manipulative consumer influence (Liu et al., 2021; Wu et al., 2022). For instance, biased
training data in chatbots can produce offensive outcomes (Rajesh, 2023). Addressing these concerns requires transparent
processes, inclusive datasets, and explainable Al (XAl) technologies to enhance trust and accountability. Ethical practices should
prioritise meaningful interactions and avoid over-optimization, which harms consumer-brand relationships (Gloor et al., 2022;
Mesko & Topol, 2023). Innovative approaches like integrating NLP with loT devices and leveraging quantum computing improve
data gathering, analysis, and application efficiency. Real-time data from IoT sensors enhances sentiment analysis, while quantum

computing accelerates processing, boosting NLP’s marketing effectiveness.

”ou ” u

Social Media (Topic 4) accounts for 10.7% of the topics and 183 articles, focusing on terms like “user”, “advertising”, “content”,
and “network.” This topic highlights Al applications in social media, enabling sophisticated analysis of user-generated content
(Ghouri et al., 2022). Al-powered sentiment analysis detects emotions in social media posts, helping marketers tailor strategies to
consumer preferences (Nichifor et al., 2023; Taherdoost & Madanchian, 2023). Al integration with AR/VR, as seen in Instagram and
Snapchat’s AR filters, creates immersive advertising, boosting engagement and insights into user interactions (Omran et al., 2024).
Content creation tools generate customised ads and posts, improving engagement while saving time and resources (Schiessl et al.,
2022). Al also refines campaigns by comparing strategies and optimising content performance (Alsayat, 2023). Al enhances
storytelling and forecasts patterns, enabling marketers to develop forward-looking strategies, improve satisfaction, and build brand
loyalty (Gao et al., 2020). However, biases in training data can lead to discriminatory practices, and insensitive content may harm
reputations (Akter et al., 2022). Transparency in data collection is essential, with tools like XAl improving algorithm accountability
and GDPR ensuring data protection. Protecting user data through anonymisation and encryption further enhances trust (Amariles
& Baquero, 2023). Trustworthy Al prioritises content quality and avoids exploiting emotional triggers or fostering platform
dependency (Cartolovni et al., 2022). Ethical strategies include tools like Sprout Social and Brandwatch for behavioural insights and
leveraging loT devices for real-time personalisation. Regular algorithm updates ensure alignment with consumer trends and market
conditions, as exemplified by fashion brands using Al to analyse preferences and boost sales.

”ou

Consumer Centricity (Topic 5) accounts for 10.3% of tokes and 196 articles, focusing on terms like “consumer”, “service”, “brand”,
and “value”, emphasising consumer-focused marketing strategies (Meyer-Waarden et al., 2023). Al-driven personalisation engines,
like those used by Amazon and Netflix, employ deep learning to predict preferences and provide intuitive recommendations (Nazir
et al., 2023). Al-powered sentiment analysis assesses public sentiment in real-time, enabling brands to adapt strategies quickly
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(Ying et al., 2022)- Dynamic pricing models, such as those used by Uber and Airbnb, adjust prices in real-time based on demand,
behaviour, and competition, maximising profitability while maintaining perceived value (Huang & Rust, 2022). Brands like IKEA and
Sephora use AR to enhance the shopping experience, fostering engagement and loyalty (Berman & Pollack, 2021). Integrating Al
into consumer journey planning creates seamless, personalised experiences, enhancing satisfaction and fostering long-term loyalty.
However, hyper-targeting risks consumer fatigue, eroding confidence and autonomy (Bedenkov et al., 2021; Latinovic & Chatterjee,
2019). Algorithmic bias, such as Amazon’s recruitment tool exhibiting gender bias, highlights fairness and discrimination concerns,
potentially harming brand reputation. When perceived as unfair, dynamic pricing can alienate consumers and impact trust (Nunan
& Di Domenico, 2022). As seen with Meta, data privacy issues underscore the importance of GDPR compliance and transparency
in Al-driven marketing (Binns, 2017). Trustworthy Al should balance personalisation with fairness, strengthen consumer trust, and
prioritise ethical practices, such as using XAl for transparency and ensuring unbiased decision-making (Panch et al., 2019; Shaban-
Nejad et al., 2018). Advanced applications include integrating multimedia data for enhanced targeting, predictive analytics for
inventory management, AR for immersive shopping experiences, and continuous feedback loops to refine strategies dynamically.

Health (Topic 6) accounts for 6.7% of tokens and 110 articles, highlighting terms like “drug,” “health,” “report,” and “safety.” This
topic reflects Al applications in consumer health. This topic reflects Al applications in consumer health. Al advancements enable
precision marketing based on genetic data, exemplified by 23andMe’s personalised health recommendations (Secinaro et al.,
2021). Dynamic health risk assessments, such as Apple Health’s heart rate monitoring, forecast health issues early, while emotion
Al detects consumer emotions during health interactions for real-time strategy adjustments (Ellahham et al., 2020). Behavioural
modelling, used by forms like Novo Nordisk, predicts responses to interventions, and virtual health assistants like DeepMind provide
personalised health guidance (Lommatzsch, 2024; Shannon et al., 2019). These developments enhance targeting in wellness and
pharmaceutical campaigns, aligning marketing with consumer needs (Panch et al., 2019). However, challenges persist. Al-driven
marketing can blur informative and persuasive content, raising data privacy concerns and ethical issues (Gaczek et al., 2023).
Sensitive health data is at risk of misuse, and biases in training data can exacerbate inequities, limiting access to fair treatment (Al
Kuwaiti et al., 2023). High costs and skill requirements further create disparities in Al adoption for health marketing (Secinaro et
al., 2021). Transparency is essential as consumers often lack awareness of how their data is used, undermining trust (Vollmer et al.,
2020). Insufficient consent, algorithmic bias, and opaque decision-making processes highlight the need for explainable XAl to
ensure fairness and accountability (Felzmann et al., 2019). Ethical Al health marketing should prioritise informed decision-making,

avoid exploiting anxieties, and emphasise consumer well-being over manipulation. Data protection measures like encryption and
anonymisation, adherence to GDPR, regular bias audits, and resource allocation for model updates are crucial. Collaborations and
cloud-based solutions can improve cost efficiency while supporting responsible, transparent, and trustworthy Al-driven health
marketing.

” o« ” o«

Market Forecast (Topic 7) accounts for 6.6% of tokens and 113 articles, emphasising terms like “market,” “sale,” “strategy,” and
“forecasting.” This topic highlights Al’s role in predicting sales and shaping marketing strategies (Yim et al., 2023). Al-driven market
forecasting supports decision-making by offering insights into consumer trends, demands, and market fluctuations, optimising
resources, sales strategies, and campaigns (Akter et al., 2022; Gera & Kumar, 2023). Advanced Al models enable precise consumer
behaviour and market pattern predictions, streamlining marketing efforts (Habel et al., 2023; Sohrabpour et al., 2021). However,

reliance on historical data limits adaptability to sudden shifts, such as geopolitical events, and fosters uniform strategies, reducing

market differentiation (Ferreira et al., 2021; Kempitiya et al., 2020). Integrating diverse datasets like satellite imagery and social
media sentiment is crucial for accurate forecasts but presents challenges in reliability and data provenance (De Bruyn et al., 2020).
Compliance with international laws such as GDPR complicates cross-border data handling (Anshari et al., 2023). Ethical concerns
include manipulative predictions, exploitation of vulnerable groups, and opaque decision-making, undermining trust (Stone et al.,
2020). To ensure fairness and transparency, Al models should balance predictive precision with adaptability and social
considerations (Shaban-Nejad et al., 2018). Generative and quantum Al can simulate market scenarios and process complex
datasets for strategic planning, as platforms like Kavout and Numeria demonstrate, providing businesses with actionable insights
for sustainable growth.

Technology Impact on Youth (Topic 8) accounts for 6.6% of tokens and 113 articles, focusing on Al’s influence in marketing to

youth. Frequent terms include “market”, “sale,” “strategy,” and “product,” emphasising Al’s role in predicting sales and shaping
strategies (Yim et al., 2023). Al has shifted from simple content targeting to complex strategies that personalise experiences,

" u

enhance engagement, and shape youth behaviour and preferences. For example, Nike’s Training Club app uses Al for customer
fitness programs, boosting brand loyalty, while Amazon’s recommendation systems improve shopping experiences (Gera & Kumar,
2023). Al significantly influences youth culture and consumption habits, necessitating continuously adapting marketing approaches
to novel platforms. However, large-scale data collection poses misuse risks, as seen in the Cambridge Analytica scandal,
emphasising the need for robust privacy laws (Kim & Song, 2023). Concerns also arise about promoting harmful behaviours, such
as e-cigarette ads and targeting teens, which can exacerbate health issues (Popova et al., 2021). Ethical frameworks are critical to
prevent exploiting young consumers’ vulnerabilities, as demonstrated by Google’s reduced unhealthy food ads in children’s
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programming (Lara-Mejia et al., 2022). Trustworthy Al in youth marketing should enhance positive engagement while avoiding
manipulation. Ethical policies must promote informed decision-making, discourage passive consumption, and support mental
health and knowledge growth (Olstad & Boyland, 2023). Transparency in data usage is vital, as exemplified by Apple’s privacy
controls. Educational initiatives should foster digital literacy (Calderén-Fajardo et al., 2024), enabling youth to evaluate online
content critically. Al tools like DreamBox Learning personalise learning experiences in education but must be balanced to avoid
reducing physical and social activities. Responsible Al integration should prioritise youth development and well-being.

IDM (Figure 4) illustrates the link between marketing and Al and the topic’s similarity. Circles represent the topics, and their
proximity reveals their degree of similarity (Shetty & Ramesh, 2021). The size of each circle reflects the predominance and number
of articles associated with each topic (Bing-Xin Du, 2021). The IDM divides the topics into Principal Component 1 (PC1) and Principal
Component 2 (PC2) to describe the differences and resemblances between topics. Axis X represents PC1, and axis Y represents PC2.
Each topic is mapped at a point in the bi-dimensional dispersion graphic, and its position is determined by its PC1 and PC2 score.
According to their distribution, the topics can be grouped into clusters. These clusters can help to identify patterns and relationships
between the topics under analysis.

Figure 4- Intertopic Distance Map

Marginal topic distribution

Topic Number - designation N. 2 of articles
Topic 1 — Learning Models 732
Topic 2 — Expert systems 639
Topic 3 — Natural Language Processing 246
Topic 4 — Social Media 183
Topic 5 — Consumer Centricity 196
Topic 6 — Health 110
Topic 7 — Market Forecast 113
Topic 8 — Technology's Impact on Youth 36

Source: Own elaboration.
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In turn, topics 6, 7, and 8 reveal a low association with other topics and are outliers in this analysis. This result suggests areas that
have been of interest to researchers. However, they have been understudied, suggesting potential gaps and future research
opportunities (Lopez-Duarte et al., 2016).

The IDM results provide valuable insights for researchers and industry, guiding future research directions.
3.2. RQ2: Trends and opportunities for future research
The topic modelling and the IDM have allowed us to identify directions for future research and answer RQ2. Considering that a

comprehensive research agenda should encourage researchers to endeavour in new directions to contribute to the literature
(Hulland & Houston, 2020), we suggest different future research directions (Table 2).

Table 2 - Gaps and Future Research

Research

Topic Future Research Reference
Gap
e Future research should explore how combining diverse data types (text, images,
Limited and video) can enhance marketing strategies. This involves studying how
research on integrated multimodal data can improve consumer insights, personalisation, and
multimodal campaign effectiveness.
- . . Shoumy et
data e How Al systems can better utilise integrated multimodal data to adapt real-time al. (2020);
integr.at.ion, marketing strategies. This includes investigating methods to optimise Al-driven Daskalakis 'et
Learning Insufficient responses to evolving consumer behaviours and preferences as they happen. al. (2022);
Models research on For example, consumer engagement could be analysed on platforms like Instagram Calderdn-
real-time or TikTok, which contain different data such as text product photos or advertising Fajardo et al.
dynamic videos—for instance, analysing how text-related product/service descriptions, (2024)
adaptation observations, and visual content impact buying decisions. Besides, Al algorithms are
using being developed that concurrently process product descriptions, client sentiment in
integrated reviews, and video content for real-time adaptation of marketing plans. Examining
data such cases facilitates discovering effective multimodal learning models in capturing
the multidimensional nature of consumer decision-making.
e Considering limited sources, examine how expert systems can be implemented and
Limited scaled in small and medium enterprises (SMEs). For instance, by installing a cloud-
X based expert system for inventory control, SMEs could adopt platforms like OpenAl
exploration .
expert Codex. to automate §tock forgcgsts. Futyre rese'arc'h could inspect hqw cost-
Expert system in effective cloud solutions diminish needing on-site infrastructure, which ensures Hansen and
Systems different affordability and ease of implementation. Bggh (2021)
e Determine how expert systems can be adopted in diverse cultures, regional
contexts/pe L . ’
rspectives va.rlatlons, and m.al.'kets. For e)fample, Al-drlve.n chatbots can be designed to be
tailored to a specific area and incorporate regional languages, preferences, and
decision-making patterns.
e Explore how reinforcement learning algorithms can optimise real-time marketing
campaigns based on NLP analysis insights.
e Investigate the impact of generative models in creating personalised content that Shaik (2023);
Lack of NLP- resonates with target audiences, leveraging NLP to understand and predict Shankar and
NLP Al consumer preferences. Parsana
integration e  Forinstance, Integrating NLP with chatbot communications on retail websites (2022)
evaluates how these systems understand consumer queries to identify real-time
preferences and adapt product recommendations. This approach could gain deeper
insights into consumer desires and improve personalised marketing plans.
Static L .
personalisa . R.est?z?rchers should st.udy how to ove.rcome Al c.ompIeX|ty in |nf.orm.at|on to megt a
tion significant target audience by evaluating causation and correlation in datasets in Kim and
Social . decision-making. For example, an investigation could examine how short-duration
. techniques ) X ; L . R Park (2023)
Media using videos or infographics compare to traditional text posts through different audience
historical groups. This will help marketers simplify target audiences. Leveraging social media
data. platforms from Al can offer impactful and tailored content.
e Exploring the potential impact of supply chains and marketing discipline by
investigating the effect of consumer rationality in Al-mediated market interaction to
provide the base for consumer engagement and retention. Haleem et
Fulfilling e Emphasizing the pivotal goal of customising Al applications to holistically serve and al. (2022);
Consumer consumer understand the consumers' needs, ensuring companies’ marketing focuses is on V<.)|kmar e'zt
Centricity expectatio consumers' needs and preferences. al. (2022)
ns e Forinstance, Zara could use Al to predict fashion trends and elevate inventory. It

could enhance consumer engagement by implementing Al for personalised
recommendations, like informing clients about new models based on past
buying/browsing behaviour. Another example from Sephora is that the Al-powered
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"Virtual Artist" feature allows clients to try makeup immersively, so it could
integrate Al into supply chains to forecast products that will be more popular
grounded in virtual try-on experiences.

Real-time * Investigate the creation anq efficacy of algori.thms design.ed for real-time adaptation
adaptive of h.ealth marketlng strate.gles based on continuous data inputs from.wearable
health devices, sentiment analysis, and contextual factors. Assess the technical challenges,
. implementation processes, and effectiveness of such adaptive systems. . .
marketing . . . . . Sivarajah et
strategies, . Conduc't empirical studies to evaluate the impact of real-time adaptive health . al. (2023);
o marketing on consumer engagement and health outcomes. Compare these dynamic
Health predictive . X . . . K - Bedenkov
health strategles wnh t.radltlor)al static appr(?aches t.o determine their re.Iatlve et al.(2021)
marketing effectiveness in improving consumer interaction and health metrics.
for e Examine the effectiveness of Al-driven predictive marketing in addressing emerging
. health trends. This includes analysing the impact on consumer awareness,
emerging ) ; )
trends behaviour changes, and health outcomes and comparing these results with those
from traditional reactive marketing approaches.
e For example, Fitness brands like Nike can integrate Al to analyse real-time data from
wearable devices and offer personalised product recommendations and
preferences, such as sportswear augmented for a consumer's specific action level or
recovery phase. So, if consumers notice minimal activities, they could get
motivational messages/discounts on fitness lessons to make them re-engage with
them; ultimately, this will reflect on brand loyalty and long-lasting consumer-brand
relations.
e Research should explore the integration of quantum computing with hybrid Al
models to boost market prediction. Combining quantum algorithms with neural
Lack of networks and traditional econometric methods could improve prediction accuracy
integration in unstable markets, leveraging quantum computing power to handle complicated Davenport
of datasets for new boundaries in financial forecasting. etal.
Market quantum e  Exploring using Al to predict market influence by imitating human behaviour in (2020);
Forecasting Al models, virtual contexts, analysing economic activities in virtual worlds to predict their Buitrago-
limited Al impact on real-world financial markets, and offering visions into the intersection of Esquinas et
role in the virtual and fundamental economics. al. (2024)
virtual e Asan example, Target company can employ Al quantum computing to forecast
economy future purchasing activities by analysing sophisticated client data patterns, like
sporadic trends, economic elements, and social media emotions.
e Investigate how Al-driven marketing can be designed to support positive
mental health/well-being among youth, including strategies that promote
healthy behaviours and self-image.
e Examine how Al-driven marketing shapes the development of brand
Al supports prgferer}ces amon.g you.t.h, including the role of algorithms in creating and
youth mental reinforcing brand identities and loyalty. Inkster et
Technology health and Examine how exposu.re to Al-driven markgting, mainly through eduFa.\tionaI aI..(2.018);
Impact on well-being and apps and platform§, impacts Youth .educatlonal outcome.s and .cogn.ltlve Williamso
Youth shapes youth development. For instance, TikTok incorporated Al algorithms into its nand
brand content design based on user engagement, subjecting young audiences to Eynon
repeated product advertisements by influencers and driving brand recall and (2020)
preferences.

preference among youth. Analysing how specific brands, such as
fitness/beauty products, influence emotional reactions for building stronger
connections with youth. This would illustrate the dual impact of technology
on mental well-being and brand engagement, providing insights into
marketing practices.

Source: Own elaboration.
4. Conclusion

Integrating Al into marketing activities is multifaceted and requires a nuanced interpretation to understand how Al can fully
influence contemporary marketing activities. Insights gained from this research on the implications of integrating Al modelling
topics like learning models, expert systems, NLP, social media, consumer centricity, health, market forecast, and technology's
impact on youth in marketing, together with their impact, challenges, and risks associated with each topic, will shape, and transform
the marketing landscape used in brand promotion. The present research evaluates the scope of Al in marketing research topics and
the potential influences of these Al research topics on marketing activities. The study also establishes Al's existing trends and future
opportunities in marketing activities. While the integration of Al in marketing is promising, it is essential to consider the risks
associated with each topic and plan accordingly how these risks can be circumnavigated effectively. Data privacy concerns risks,
user security, ethical considerations, and the susceptibility of these Al systems to algorithmic bias necessitates future research to
ensure Al systems do not pose severe threats to brand reputation following their integration into marketing activities. Conversely,
integrating Al modelling topics in marketing will shift the original marketing approach from rule-based expert systems to data-
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driven. Al systems in marketing will redefine the theoretical marketing landscape by providing marketers with a nuanced
understanding of market dynamics that impact marketing activities, including target market segmentation, data-driven marketing
strategies, and hyper-personalization marketing insights. Al will foster the customisation of marketing activities to resonate with
consumer preferences. It will also allow marketers to use algorithmic reasoning to navigate the dynamic landscape of marketing
trends and increase the brand's organic reach to other target audiences. In addition, integrating Al in marketing will undoubtedly
impact the organisation's development and training marketing activities, boosting the brand’s reach to consumers through data-
informed marketing strategies.

4.1. Theoretical Implications

Integrating Al in marketing will undoubtedly redefine the marketing landscape by enhancing marketers' theoretical understanding
of their consumers and providing them with informed insights, hyper-personalisation strategies, and market segmentation
initiatives. Additionally, this incorporation will inform the development of well-established marketing theories of making informed
marketing decisions based on data-driven feedback, enabling them to engage in agile marketing strategies. Al in marketing
promotes the generation of deeper consumer insights for researchers. These insights help in the development of innovative and
strategic imperatives. Deeper consumer insights will also become relevant in shaping advanced marketing theoretical frameworks
for allocating resources efficiently for marketing activities. The insights will help implement necessary adjustments to the ever-
changing dynamics of the target market. The theoretical implications associated with Al usage in marketing will be redefined by
resourceful research that minimises algorithmic bias, enhances the privacy concerns related to the use of Al, and improves the
transparency metrics of Al usage in marketing activities. The paper's findings provide a better understanding of the mechanisms
behind Al applications. It calls for restructuring marketing theories to mirror the effective combination of data and algorithms in
developing better insights.

4.2. Limitations

The literature analysis methodology used in this study does not have the objective of substituting the critical analysis of the
literature because it does not cover different perspectives on the same topic nor the qualitative judgment of the literature.
Although it has a large-scale potential for literature delimitation, pinpointing the main topics and keywords and even potential
multidisciplinary overlaps and research rigidities help discover possible remedial actions. Hence, in the present moment of big data,
where there are many sources of information online to analyse, this method is more efficient in terms of performance than an in-
depth critical analysis. This method's concern was to develop a holistic approach to augment the trust of the no dictionary usage
and its appropriateness to complex multidisciplinary research fields, as shown in its application to Al in marketing. Also, conceiving
an IDM provides a better perception of the trends and eventual problems in literature. Additionally, the dataset was limited to the
Scopus database. Future studies could be extended to other databases (e.g., Web of Science). However, it should be mentioned
that every database has its limitations (Falagas et al., 2008). Finally, a dictionary creation can help limit the analysis to a managerial
list of terms (Ramos et al., 2019), allowing the focus of the study on a particular topic under Al in marketing research.

Acknowledgements

Paulo Rita was supported by national funds through FCT (Fundagdo para a Ciéncia e a Tecnologia), under the project -
UIDB/04152/2020 - Centro de Investigacdo em Gestdo de Informac&o (MaglC)/NOVA IMS)
(https://doi.org/10.54499/UIDB/04152/2020).

Credit author statement

All authors have contributed equally. All authors have read and agreed to the published version of the manuscript. As an alternative,
you can mention the exact participation of each author in the research.

Declaration of competing interest: None
References

Abdi, S., Bagherzadeh, J., Gholami, G., & Tajbakhsh, M. S. (2021). Using an auxiliary dataset to improve emotion estimation in users’ opinions.
Journal of Intelligent Information Systems, 56(3), 581-603. https://doi.org/10.1007/s10844-021-00643-y

Akter, S., Dwivedi, Y. K., Sajib, S., Biswas, K., Bandara, R. J., & Michael, K. (2022). Algorithmic bias in machine learning-based marketing models.
Journal of Business Research, 144, 201-216. https://doi.org/10.1016/j.jbusres.2022.01.083

Al Kuwaiti, A., Nazer, K., Al-Reedy, A., Al-Shehri, S., Al-Muhanna, A., Subbarayalu, A. V., Al Muhanna, D., & Al-Muhanna, F. A. (2023). A review of the
role of artificial intelligence in healthcare. Journal of Personalized Medicine, 13(6), 951. https://doi.org/10.3390/jpm13060951

Alsayat, A. (2023). Customer decision-making analysis based on big social data using machine learning: a case study of hotels in Mecca. Neural
Computing and Applications, 35(6), 4701-4722. https://doi.org/10.1007/s00521-022-07992-x

Amariles, D., & Baquero, P. M. (2023). Promises and limits of law for a human-centric artificial intelligence. Computer Law and Security Review, 48,

50


https://doi.org/10.1007/s10844-021-00643-y
https://doi.org/10.1016/j.jbusres.2022.01.083
https://doi.org/10.3390/jpm13060951
https://doi.org/10.1007/s00521-022-07992-x

Rita et al. (2025). Tourism & Management Studies, 21(1), 2025, 39-55

.f
s

’:,;«sg:

105795. https://doi.org/10.1016/j.clsr.2023.105795

Anshari, M., Hamdan, M., Ahmad, N., Ali, E., & Haidi, H. (2023). COVID-19, artificial intelligence, ethical challenges and policy implications. Al and
Society, 38(2), 707-720. https://doi.org/10.1007/s00146-022-01471-6

Bedenkov, A., Moreno, C., Agustin, L., Jain, N., Newman, A., Feng, L., & Kostello, G. (2021). Customer centricity in medical affairs needs human-
centric artificial intelligence. Pharmaceutical Medicine, 35(1), 21-29. https://doi.org/10.1007/s40290-020-00378-1

Berman, B., & Pollack, D. (2021). Strategies for the successful implementation of augmented reality. Business Horizons, 64(5), 621-630.
https://doi.org/10.1016/j.bushor.2021.02.027

Bing-Xin Du, B.-X. Du. (2021). Topic analysis in LDA based on keywords selection. Journal of Computers, 32(4), 001-012.
https://doi.org/10.53106/199115992021083204001

Binns, R. (2017). Data protection impact assessments: a meta-regulatory approach. International Data Privacy Law, 7(1), 22—-35.

Bird, S., Klein, E., & Loper, E. (2009). Natural Language Processing with Python: Analyzing Text with the Natural Language Toolkit 1st Edition, Kindle
Edition. O’'Reilly Media, Inc.

Biscaia, R., Ramos, R. F., Yoshida, M., & Kim, Y. (2024). Service Quality in Spectator Sports: A Review and Research Agenda. International Journal of
Consumer Studies, 48(6), e13086. https://doi.org/10.1111/ijcs.13086

Biswas, B., Sanyal, M. K., & Mukherjee, T. (2023). Al-based sales forecasting model for digital marketing. International Journal of E-Business
Research, 19(1), 1-14. https://doi.org/10.4018/IJEBR.317888

Blei, D. M. (2012). Probabilistic topic models. Communications of the ACM, 55(4), 77-84. https://doi.org/10.1145/2133806.2133826

Blomster, M., & Koivumaki, T. (2022). Exploring the resources, competencies, and capabilities needed for successful machine learning projects in
digital marketing. Information Systems and E-Business Management, 20(1), 123-169. https://doi.org/10.1007/s10257-021-00547-y

Bloomberg. (2022). Wearable Technology Market to Hit $186.14 Billion by 2030: Grand View Research, Inc. Retrieved 23 July 2024 from
https://doi.org/https://www.bloomberg.com/press-releases/2023-07-03/artificial-intelligence-market-to-hit-1-811-75-billion-by-2030-grand-
view-research-inc

Brkan, M., & Bonnet, G. (2020). Legal and Technical Feasibility of the GDPR’s Quest for Explanation of Algorithmic Decisions: Of Black Boxes, White
Boxes and Fata Morganas. European Journal of Risk Regulation, 11(1), 18-50. https://doi.org/10.1017/err.2020.10

Buitrago-Esquinas, E. M., Yiiiguez-Ovando, R.., Puig-Cabrera, M., Santos, M. C., & Santos, J. A. C. (2024). Artificial intelligence and sustainable tourism
planning: A hetero-intelligence methodology proposal. Tourism & Management Studies, 20(Sl), 45-59. https://doi.org/10.18089/tms.2024S104

Cartolovni, A., Tomici¢, A., & Mosler, E. L. (2022). Ethical, legal, and social considerations of Al-based medical decision-support tools: A scoping
review. International Journal of Medical Informatics, 161, 104738. https://doi.org/10.1016/j.ijmedinf.2022.104738

Chintalapati, S., & Pandey, S. K. (2022). Artificial intelligence in marketing: A systematic literature review. International Journal of Market Research,
64(1), 38-68. https://doi.org/10.1177/14707853211018428

Choo, S., & Kim, W. (2023). A study on the evaluation of tokenizer performance in natural language processing. Applied Artificial Intelligence, 37(1),
2175112. https://doi.org/10.1080/08839514.2023.2175112

Christen, T., Hess, M., Grichnik, D., & Wincent, J. (2022). Value-based pricing in digital platforms: A machine learning approach to signaling beyond
core product attributes in cross-platform settings. Journal of Business Research, 152, 82-92. https://doi.org/10.1016/].jbusres.2022.07.042

Cui, H., Nie, Y., Li, Z., & Zeng, J. (2022). Construction and development of modern brand marketing management mode based on artificial
intelligence. Journal of Sensors, 2022, 1-11. https://doi.org/10.1155/2022/9246545

Daskalakis, E., Remoundou, K., Peppes, N., Alexakis, T., Demestichas, K., Adamopoulou, E., & Sykas, E. (2022). Applications of fusion techniques in
e-commerce environments: A literature review. Sensors, 22(11), 3998. https://doi.org/10.3390/s22113998

Davenport, T., Guha, A., Grewal, D., & Bressgott, T. (2020). How artificial intelligence will change the future of marketing. Journal of the Academy
of Marketing Science, 48(1), 24—42. https://doi.org/10.1007/s11747-019-00696-0

De Bruyn, A., Viswanathan, V., Beh, Y. S., Brock, J. K. U.,, & von Wangenheim, F. (2020). Artificial intelligence and marketing: pitfalls and
opportunities. Journal of Interactive Marketing, 51(1), 91-105. https://doi.org/10.1016/j.intmar.2020.04.007

Delen, D., & Crossland, M. D. (2008). Seeding the survey and analysis of research literature with text mining. Expert Systems with Applications,
34(3), 1707-1720. https://doi.org/10.1016/j.eswa.2007.01.035

Ellahham, S., Ellahham, N., & Simsekler, M. C. E. (2020). Application of Artificial Intelligence in the Health Care Safety Context: Opportunities and
Challenges. American Journal of Medical Quality, 35(4), 341-348. https://doi.org/10.1177/1062860619878515

Esch, P. van, Cui, Y., & Jain, S. P. (2021). Stimulating or intimidating: The effect of Al-enabled in-store communication on consumer patronage
likelihood. Journal of Advertising, 50(1), 63—80. https://doi.org/10.1080/00913367.2020.1832939

Fahimnia, B., Sarkis, J., & Davarzani, H. (2015). Green supply chain management: A review and bibliometric analysis. International Journal of
Production Economics, 162, 101-114. https://doi.org/10.1016/].ijpe.2015.01.003

Calderdn-Fajardo, V., Anaya-Sanchez, R. ., Rején-Guardia, F., & Molinillo, S. . (2024). Neurotourism insights: eye tracking and galvanic analysis of
tourism destination brand logos and Al Visuals. Tourism & Management Studies, 20(3), 53-78. https://doi.org/10.18089/tms.20240305

Falagas, M. E., Pitsouni, E. I., Malietzis, G. A., & Pappas, G. (2008). Comparison of PubMed, Scopus, Web of Science, and Google Scholar: strengths
and weaknesses. The FASEB Journal, 22(2), 338-342. https://doi.org/10.1096/f}.07-9492Isf

51



https://doi.org/10.1016/j.clsr.2023.105795
https://doi.org/10.1007/s00146-022-01471-6
https://doi.org/10.1007/s40290-020-00378-1
https://doi.org/10.1016/j.bushor.2021.02.027
https://doi.org/10.53106/199115992021083204001
https://doi.org/10.1111/ijcs.13086
https://doi.org/10.4018/IJEBR.317888
https://doi.org/10.1145/2133806.2133826
https://doi.org/10.1007/s10257-021-00547-y
https://doi.org/https:/www.bloomberg.com/press-releases/2023-07-03/artificial-intelligence-market-to-hit-1-811-75-billion-by-2030-grand-view-research-inc
https://doi.org/https:/www.bloomberg.com/press-releases/2023-07-03/artificial-intelligence-market-to-hit-1-811-75-billion-by-2030-grand-view-research-inc
https://doi.org/10.1017/err.2020.10
https://doi.org/10.18089/tms.2024SI04
https://doi.org/10.1016/j.ijmedinf.2022.104738
https://doi.org/10.1177/14707853211018428
https://doi.org/10.1080/08839514.2023.2175112
https://doi.org/10.1016/j.jbusres.2022.07.042
https://doi.org/10.1155/2022/9246545
https://doi.org/10.3390/s22113998
https://doi.org/10.1007/s11747-019-00696-0
https://doi.org/10.1016/j.intmar.2020.04.007
https://doi.org/10.1016/j.eswa.2007.01.035
https://doi.org/10.1177/1062860619878515
https://doi.org/10.1080/00913367.2020.1832939
https://doi.org/10.1016/j.ijpe.2015.01.003
https://doi.org/10.18089/tms.20240305
https://doi.org/10.1096/fj.07-9492lsf

%
A
(e

Rita et al. (2025). Tourism & Management Studies, 21(1), 2025, 39-55

Felzmann, H., Villaronga, E. F., Lutz, C., & Tamo-Larrieux, A. (2019). Transparency you can trust: Transparency requirements for artificial intelligence
between legal norms and contextual concerns. Big Data and Society, 6(1), 2053951719860542. https://doi.org/10.1177/2053951719860542

Ferrario, A., Loi, M., & Vigano, E. (2020). In Al we trust incrementally: A multi-layer model of trust to analyze human-artificial intelligence
interactions. Philosophy & Technology, 33(3), 523-539. https://doi.org/10.1007/s13347-019-00378-3

Ferreira, F. G. D. C., Gandomi, A. H., & Cardoso, R. T. N. (2021). Artificial intelligence applied to stock market trading: a review. IEEE Access, 9, 30898—
30917. https://doi.org/10.1109/ACCESS.2021.3058133

Flament, F., Jacquet, L., Ye, C., Amar, D., Kerob, D., Jiang, R., Zhang, Y., Kroely, C., Delaunay, C., & Passeron, T. (2022). Artificial Intelligence analysis
of over half a million European and Chinese women reveals striking differences in the facial skin ageing process. Journal of the European Academy
of Dermatology and Venereology, 36(7), 1136-1142. https://doi.org/10.1111/jdv.18073

Gaczek, P., Pozharliev, R., Leszczyniski, G., & Zieliriski, M. (2023). Overcoming consumer resistance to Al in general health care. Journal of Interactive
Marketing, 58(2-3), 321-338. https://doi.org/10.1177/10949968221151061

Gao, S., He, L., Chen, Y., Li, D., & Lai, K. (2020). Public perception of artificial intelligence in medical care: content analysis of social media. Journal
of Medical Internet Research, 22(7), e16649. https://doi.org/10.2196/16649

Gera, R., & Kumar, A. (2023). Artificial intelligence in consumer behaviour: a systematic literature review of empirical research papers published in
marketing journals. Academy of Marketing Studies Journal, 27(S1), 1-15.

Ghouri, A. M., Mani, V., Hag, M. A. ul, & Kamble, S. S. (2022). The micro foundations of social media use: Artificial intelligence integrated routine
model. Journal of Business Research, 144, 80-92. https://doi.org/10.1016/j.jbusres.2022.01.084

Gloor, P., Fronzetti Colladon, A., & Grippa, F. (2022). Measuring ethical behavior with Al and natural language processing to assess business success.
Scientific Reports, 12(1), 10228. https://doi.org/10.1038/s41598-022-14101-4

Habel, J., Alavi, S., & Heinitz, N. (2023). Effective implementation of predictive sales analytics. Journal of Marketing Research, 00222437221151039.
https://doi.org/10.1177/00222437221151039

Haleem, A., Javaid, M., Qadri, M. A., Singh, R. P., & Suman, R. (2022). Artificial intelligence (Al) applications for marketing: A literature-based study.
International Journal of Intelligent Networks, 3, 119-132. https://doi.org/10.1016/].ijin.2022.08.005

Hamacher, K., & Buchkremer, R. (2022). The application of artificial intelligence to automate sensory assessments combining pretrained
transformers  with  word embedding based on the online sensory marketing index. Computers, 11(9), 129.
https://doi.org/10.3390/computers11090129

Hansen, E. B., & Bggh, S. (2021). Artificial intelligence and internet of things in small and medium-sized enterprises: A survey. Journal of
Manufacturing Systems, 58, 362—372. https://doi.org/10.1016/j.jmsy.2020.08.009

Huang, M. H., & Rust, R. T. (2022). A framework for collaborative artificial intelligence in marketing. Journal of Retailing, 98(2), 209-223.
https://doi.org/10.1016/j.jretai.2021.03.001

Hulland, J., & Houston, M. B. (2020). Why systematic review papers and meta-analyses matter: an introduction to the special issue on
generalizations in marketing. Journal of the Academy of Marketing Science, 48(3), 351-359. https://doi.org/10.1007/s11747-020-00721-7

Inkster, B., Sarda, S., & Subramanian, V. (2018). An empathy-driven, conversational artificial intelligence agent (Wysa) for digital mental well-being:
Real-world data evaluation mixed-methods study. JMIR MHealth and UHealth, 6(11), €12106. https://doi.org/10.2196/12106

Kanchanapoom, K., & Chongwatpol, J. (2023). Integrated customer lifetime value (CLV) and customer migration model to improve customer
segmentation. Journal of Marketing Analytics, 11(2), 172—185. https://doi.org/10.1057/s41270-022-00158-7

Kasem, M. S., Hamada, M., & Taj-Eddin, I. (2023). Customer profiling, segmentation, and sales prediction using Al in direct marketing. ArXiv Preprint
ArXiv:2302.01786. https://doi.org/10.1007/s00521-023-09339-6

Kempitiya, T., Sierla, S., De Silva, D., Yli-Ojanperd, M., Alahakoon, D., & Vyatkin, V. (2020). An Artificial Intelligence framework for bidding
optimization with uncertainty in multiple frequency reserve markets. Applied Energy, 280, 115918.
https://doi.org/10.1016/j.apenergy.2020.115918

Kietzmann, J., Paschen, J., & Treen, E. (2018). Artificial intelligence in advertising: How marketers can leverage artificial intelligence along the
consumer journey. Journal of Advertising Research, 58(3), 263—267. https://doi.org/10.2501/JAR-2018-035

Kim, H., & Park, M. (2023). Virtual influencers’ attractiveness effect on purchase intention: A moderated mediation model of the Product—-Endorser
fit with the brand. Computers in Human Behavior, 143, 107703. https://doi.org/10.1016/j.chb.2023.107703

Kim, T., & Song, H. (2023). Communicating the Limitations of Al: The effect of message framing and ownership on trust in artificial intelligence.
International Journal of Human-Computer Interaction, 39(4), 790-800. https://doi.org/10.1080/10447318.2022.2049134

Kumar, S., Sureka, R., & Vashishtha, A. (2020). The Journal of Heritage Tourism: a bibliometric overview since its inception. Journal of Heritage
Tourism, 15(4), 365-380. https://doi.org/10.1080/1743873X.2020.1754423

Lara-Mejia, V., Franco-Lares, B., Lozada-Tequeanes, A. L., Villanueva-Vazquez, C., & Hernandez-Cordero, S. (2022). Methodologies for Monitoring
the Digital Marketing of Foods and Beverages Aimed at Infants, Children, and Adolescents (ICA): A Scoping Review. International Journal of
Environmental Research and Public Health, 19(15), 8951. https://doi.org/10.3390/ijerph19158951

Latinovic, Z., & Chatterjee, S. C. (2019). Customer centricity in the digital age. MIT Sloan Management Review, 60(4), 0_1-0_2.

Lee, L. W., Dabirian, A., McCarthy, I. P., & Kietzmann, J. (2020). Making sense of text: artificial intelligence-enabled content analysis. European
Journal of Marketing, 54(3), 615-644. https://doi.org/10.1108/EJM-02-2019-0219

52


https://doi.org/10.1177/2053951719860542
https://doi.org/10.1007/s13347-019-00378-3
https://doi.org/10.1109/ACCESS.2021.3058133
https://doi.org/10.1111/jdv.18073
https://doi.org/10.1177/10949968221151061
https://doi.org/10.2196/16649
https://doi.org/10.1016/j.jbusres.2022.01.084
https://doi.org/10.1038/s41598-022-14101-4
https://doi.org/10.1177/00222437221151039
https://doi.org/10.1016/j.ijin.2022.08.005
https://doi.org/10.3390/computers11090129
https://doi.org/10.1016/j.jmsy.2020.08.009
https://doi.org/10.1016/j.jretai.2021.03.001
https://doi.org/10.1007/s11747-020-00721-7
https://doi.org/10.2196/12106
https://doi.org/10.1057/s41270-022-00158-7
https://doi.org/10.1007/s00521-023-09339-6
https://doi.org/10.1016/j.apenergy.2020.115918
https://doi.org/10.2501/JAR-2018-035
https://doi.org/10.1016/j.chb.2023.107703
https://doi.org/10.1080/10447318.2022.2049134
https://doi.org/10.1080/1743873X.2020.1754423
https://doi.org/10.3390/ijerph19158951
https://doi.org/10.1108/EJM-02-2019-0219

Rita et al. (2025). Tourism & Management Studies, 21(1), 2025, 39-55

Licardo, J. T., Domjan, M., & Orehovacki, T. (2024). Intelligent robotics—a systematic review of emerging technologies and trends. Electronics
(Switzerland), 13(3), 542. https://doi.org/10.3390/electronics13030542

Liu, X., Shin, H., & Burns, A. C. (2021). Examining the impact of luxury brand’s social media marketing on customer engagement: Using big data
analytics and natural language processing. Journal of Business Research, 125, 815-826. https://doi.org/10.1016/].jbusres.2019.04.042

Lommatzsch. (2024). Current status and future perspectives of optic nerve imaging in glaucoma. Journal of Clinical Medicine, 13(7), 1966.
https://doi.org/10.3390/jcm13071966

Lépez-Duarte, C., Gonzalez-Loureiro, M., Vidal-Suarez, M. M., & Gonzélez-Diaz, B. (2016). International strategic alliances and national culture:
Mapping the field and developing a research agenda. Journal of World Business, 51(4), 511-524. https://doi.org/10.1016/j.jwb.2016.05.001

Ma, L., & Sun, B. (2020). Machine learning and Al in marketing — Connecting computing power to human insights. International Journal of Research
in Marketing, 37(3), 481-504. https://doi.org/10.1016/j.ijresmar.2020.04.005

Malthouse, E., & Copulsky, J. (2023). Artificial intelligence ecosystems for marketing communications. International Journal of Advertising, 42(1),
128-140. https://doi.org/10.1080/02650487.2022.2122249

Mariani, M. M., Perez-Vega, R., & Wirtz, J. (2022). Al in marketing, consumer research and psychology: A systematic literature review and research
agenda. Psychology and Marketing, 39(4), 755—776. https://doi.org/10.1002/mar.21619

Martinez-Ldpez, F. J., & Casillas, J. (2013). Artificial intelligence-based systems applied in industrial marketing: An historical overview, current and
future insights. Industrial Marketing Management, 42(4), 489-495. https://doi.org/10.1016/j.indmarman.2013.03.001

Mesko, B., & Topol, E. J. (2023). The imperative for regulatory oversight of large language models (or generative Al) in healthcare. Npj Digital
Medicine, 6(1), 120. https://doi.org/10.1038/s41746-023-00873-0

Meyer-Waarden, L., Bruwer, J., & Galan, J. P. (2023). Loyalty programs, loyalty engagement and customer engagement with the company brand:
Consumer-centric behavioral psychology insights from three industries. Journal of Retailing and Consumer Services, 71, 103212.
https://doi.org/10.1016/j.jretconser.2022.103212

Moro, S., Pires, G., Rita, P., Cortez, P., & Ramos, R. F. (2023). Discovering ethnic minority business research directions using text mining and topic
modelling. Journal of Research in Marketing and Entrepreneurship, 25(1), 83—102. https://doi.org/10.1108/JRME-01-2022-0004

Mortara, L., Thomson, R., Moore, C., Armara, K., Kerr, C., Phaal, R., & Probert, D. (2010). Developing a technology intelligence strategy at kodak
european research: Scan & target. Research Technology Management, 53(4), 27-38. https://doi.org/10.1080/08956308.2010.11657638

Mustak, M., Salminen, J., PIé, L., & Wirtz, J. (2021). Artificial intelligence in marketing: Topic modeling, scientometric analysis, and research agenda.
Journal of Business Research, 124(December 2022), 389—404. https://doi.org/10.1016/j.jbusres.2020.10.044

Nadeem, M. S., Franqueira, V. N. L., Zhai, X., & Kurugollu, F. (2019). A survey of deep learning solutions for multimedia visual content analysis. IEEE
Access, 7, 84003-84019. https://doi.org/10.1109/ACCESS.2019.2924733

Nazir, S., Khadim, S., Ali Asadullah, M., & Syed, N. (2023). Exploring the influence of artificial intelligence technology on consumer repurchase
intention: The mediation and moderation approach. Technology in Society, 72, 102190. https://doi.org/10.1016/j.techsoc.2022.102190

Nguyen, Q. ., Sidorova, A., & Torres, R. (2022). User interactions with chatbot interfaces vs. Menu-based interfaces: An empirical study. Computers
in Human Behavior, 128, 107093. https://doi.org/10.1016/j.chb.2021.107093

Nichifor, E., Bratucu, G., Chitu, I. B., Lupsa-Tataru, D. A., Chisindu, E. M., Todor, R. D., Albu, R. G., & Balasescu, S. (2023). Utilising artificial intelligence
to turn reviews into business enhancements through sentiment analysis. Electronics  (Switzerland), 12(21), 4538.
https://doi.org/10.3390/electronics12214538

Nunan, D., & Di Domenico, M. L. (2022). Value creation in an algorithmic world: Towards an ethics of dynamic pricing. Journal of Business Research,
150, 451-460. https://doi.org/10.1016/j.jbusres.2022.06.032

Olstad, D. L., & Boyland, E. (2023). Towards effective restriction of unhealthy food marketing to children: unlocking the potential of artificial
intelligence. International Journal of Behavioral Nutrition and Physical Activity, 20(1), 61. https://doi.org/10.1186/s12966-023-01458-6

Omran, W., Ramos, R. F., & Casais, B. (2024). Virtual reality and augmented reality applications and their effect on tourist engagement: a hybrid
review. Journal of Hospitality and Tourism Technology, 15(4), 497-518. https://doi.org/10.1108/JHTT-11-2022-0299

Panch, T., Mattie, H., & Atun, R. (2019). Artificial intelligence and algorithmic bias: Implications for health systems. Journal of Global Health, 9(2).
https://doi.org/10.7189/jogh.09.020318

Paschen, J., Kietzmann, J., & Kietzmann, T. C. (2019). Artificial intelligence (Al) and its implications for market knowledge in B2B marketing. Journal
of Business and Industrial Marketing, 34(7), 1410-1419. https://doi.org/10.1108/JBIM-10-2018-0295

Paschen, J., Wilson, M., & Ferreira, J. J. (2020). Collaborative intelligence: How human and artificial intelligence create value along the B2B sales
funnel. Business Horizons, 63(3), 403—414. https://doi.org/10.1016/j.bushor.2020.01.003

Peltier, J. W., Dahl, A. J., & Schibrowsky, J. A. (2023). Artificial intelligence in interactive marketing: a conceptual framework and research agenda.
Journal of Research in Interactive Marketing, ahead-of-print. https://doi.org/10.1108/JRIM-01-2023-0030

Popova, L., Fairman, R. T., Akani, B., Dixon, K., & Weaver, S. R. (2021). “Don’t do vape, bro!” A qualitative study of youth’s and parents’ reactions to
e-cigarette prevention advertisements. Addictive Behaviors, 112, 106565. https://doi.org/10.1016/j.addbeh.2020.106565

Rajesh, R. (2023). An introduction to grey causal modelling (GCM): applications to manufacturing, supply chains, resilience, and sustainability.
Artificial Intelligence Review, 56(7), 6267—-6293. https://doi.org/10.1007/s10462-022-10314-1

Ramos, R. F., Rita, P., & Moro, S. (2019). From institutional websites to social media and mobile applications: A usability perspective. European

53



https://doi.org/10.3390/electronics13030542
https://doi.org/10.1016/j.jbusres.2019.04.042
https://doi.org/10.3390/jcm13071966
https://doi.org/10.1016/j.jwb.2016.05.001
https://doi.org/10.1016/j.ijresmar.2020.04.005
https://doi.org/10.1080/02650487.2022.2122249
https://doi.org/10.1002/mar.21619
https://doi.org/10.1016/j.indmarman.2013.03.001
https://doi.org/10.1038/s41746-023-00873-0
https://doi.org/10.1016/j.jretconser.2022.103212
https://doi.org/10.1108/JRME-01-2022-0004
https://doi.org/10.1080/08956308.2010.11657638
https://doi.org/10.1016/j.jbusres.2020.10.044
https://doi.org/10.1109/ACCESS.2019.2924733
https://doi.org/10.1016/j.techsoc.2022.102190
https://doi.org/10.1016/j.chb.2021.107093
https://doi.org/10.3390/electronics12214538
https://doi.org/10.1016/j.jbusres.2022.06.032
https://doi.org/10.1186/s12966-023-01458-6
https://doi.org/10.1108/JHTT-11-2022-0299
https://doi.org/10.7189/jogh.09.020318
https://doi.org/10.1108/JBIM-10-2018-0295
https://doi.org/10.1016/j.bushor.2020.01.003
https://doi.org/10.1108/JRIM-01-2023-0030
https://doi.org/10.1016/j.addbeh.2020.106565
https://doi.org/10.1007/s10462-022-10314-1

%
A
(e

Rita et al. (2025). Tourism & Management Studies, 21(1), 2025, 39-55

Research on Management and Business Economics, 25(3), 138—143. https://doi.org/10.1016/j.iedeen.2019.07.001

Ramos, R., Rita, P., & Vong, C. (2024). Mapping research in marketing: trends, influential papers and agenda for future research. Spanish Journal of
Marketing-ESIC, 28(2), 187-206. https://doi.org/10.1108/SJME-10-2022-0221

Ribeiro, P., Ramos, R. F., & Moro, S. (2024). Restaurant containment measures and perceived service quality: implications for future pandemics.
Consumer Behavior in Tourism and Hospitality, 19(1), 116-130. https://doi.org/10.1108/CBTH-06-2023-0081

Rojas-Lamorena, A. J., Del Barrio-Garcia, S., & Alcantara-Pilar, J. M. (2022). A review of three decades of academic research on brand equity: A
bibliometric approach using co-word analysis and bibliographic coupling. Journal of Business Research, 139, 1067-1083.
https://doi.org/10.1016/j.jbusres.2021.10.025

Ruiz-Lacaci, N., Reyes-Menendez, A., & Vico-Belmonte, A. (2024). Understanding tourism consumer behavior using biometric technologies:
bibliographic review and research agenda. Tourism & Management Studies, 20(Sl), 15-32. https://doi.org/10.18089/tms.20245102

Schafermeyer, R. G., & Hoffman, R. R. (2016). Using Knowledge Libraries to Transfer Expert Knowledge. IEEE Intelligent Systems, 31(2), 89-93.
https://doi.org/10.1109/MIS.2016.36

Schiessl, D., Dias, H. B. A., & Korelo, J. C. (2022). Artificial intelligence in marketing: a network analysis and future agenda. Journal of Marketing
Analytics, 10(3), 207-218. https://doi.org/10.1057/s41270-021-00143-6

Schmidt, P., Biessmann, F., & Teubner, T. (2020). Transparency and trust in artificial intelligence systems. Journal of Decision Systems, 29(4), 260—
278. https://doi.org/10.1080/12460125.2020.1819094

Secinaro, S., Calandra, D., Secinaro, A., Muthurangu, V., & Biancone, P. (2021). The role of artificial intelligence in healthcare: a structured literature
review. BMC Medical Informatics and Decision Making, 21(1), 1-23. https://doi.org/10.1186/s12911-021-01488-9

Shaban-Nejad, A., Michalowski, M., & Buckeridge, D. L. (2018). Health intelligence: how artificial intelligence transforms population and
personalized health. NPJ Digital Medicine, 1(1), 53. https://doi.org/10.1038/s41746-018-0058-9

Shaik, M. (2023). Impact of artificial intelligence on marketing. East Asian Journal of Multidisciplinary Research, 2(3), 993-1004.
https://doi.org/10.55927/eajmr.v2i3.3112

Shankar, V., & Parsana, S. (2022). An overview and empirical comparison of natural language processing (NLP) models and an introduction to and
empirical application of autoencoder models in marketing. Journal of the Academy of Marketing Science, 50(6), 1324-1350.
https://doi.org/10.1007/s11747-022-00840-3

Shannon, G. D., Haghparast-Bidgoli, H., Chelagat, W., Kibachio, J., & Skordis-Worrall, J. (2019). Innovating to increase access to diabetes care in
Kenya: an evaluation of Novo Nordisk’'s base of the pyramid project. Global Health Action, 12(1), 1605704.
https://doi.org/10.1080/16549716.2019.1605704

Shetty, S. J., & Ramesh, V. (2021). pyResearchinsights—An open-source Python package for scientific text analysis. Ecology and Evolution, 11(20),
13920-13929. https://doi.org/10.1002/ece3.8098

Shoumy, N. J., Ang, L. M., Seng, K. P., Rahaman, D. M. M., & Zia, T. (2020). Multimodal big data affective analytics: A comprehensive survey using
text, audio, visual and physiological signals. Journal of Network and Computer Applications, 149, 102447.
https://doi.org/10.1016/j.jnca.2019.102447

Sivarajah, U., Wang, Y., Olya, H., & Mathew, S. (2023). Responsible Artificial Intelligence (Al) for Digital Health and Medical Analytics. Information
Systems Frontiers, 1-6. https://doi.org/10.1007/s10796-023-10412-7

Sohrabpour, V., Oghazi, P., Toorajipour, R., & Nazarpour, A. (2021). Export sales forecasting using artificial intelligence. Technological Forecasting
and Social Change, 163, 120480. https://doi.org/10.1016/j.techfore.2020.120480

Song, D., Hong, H., & Oh, E. Y. (2021). Applying computational analysis of novice learners’ computer programming patterns to reveal self-regulated
learning, computational thinking, and learning performance. Computers in Human Behavior, 120, 106746.
https://doi.org/10.1016/j.chb.2021.106746

Stone, M., Aravopoulou, E., Ekinci, Y., Evans, G., Hobbs, M., Labib, A., Laughlin, P., Machtynger, J., & Machtynger, L. (2020). Artificial intelligence
(Al) in strategic marketing decision-making: a research agenda. Bottom Line, 33(2), 183-200. https://doi.org/10.1108/BL-03-2020-0022

Sujata, K., Deshpande, R. P., Kesharwani, R. K., Babu, P. P., & Rao Vedula, R. (2019). An efficient one-pot expeditious synthesis of 3-phenyl-1-(6-
phenyl-7H-[1, 2, 4] triazolo [3, 4-b][1, 3, 4] thiadiazin-3-yl)-1H-pyrazol-5-amines via multicomponent approach. Synthetic Communications, 49(1),
49-55.

Taherdoost, H., & Madanchian, M. (2023). Artificial intelligence and sentiment analysis: A review in competitive research. Computers, 12(2), 37.
https://doi.org/10.3390/computers12020037

Vaid, S., Puntoni, S., & Khodr, A. R. (2023). Artificial intelligence and empirical consumer research: A topic modeling analysis. Journal of Business
Research, 166, 114110. https://doi.org/10.1016/j.jbusres.2023.114110

Verma, S., Sharma, R., Deb, S., & Maitra, D. (2021). Artificial intelligence in marketing: Systematic review and future research direction. International
Journal of Information Management Data Insights, 1(1), 100002. https://doi.org/10.1016/j.jjimei.2020.100002

Vlaci¢, B., Corbo, L., Costa e Silva, S., & Dabi¢, M. (2021). The evolving role of artificial intelligence in marketing: A review and research agenda.
Journal of Business Research, 128, 187-203. https://doi.org/10.1016/j.jbusres.2021.01.055

Volkmar, G., Fischer, P. M., & Reinecke, S. (2022). Artificial Intelligence and Machine Learning: Exploring drivers, barriers, and future developments
in marketing management. Journal of Business Research, 149, 599-614. https://doi.org/10.1016/j.jbusres.2022.04.007

Vollmer, S., Mateen, B. A., Bohner, G., Kiraly, F. J., Ghani, R., Jonsson, P., Cumbers, S., Jonas, A., McAllister, K. S. L., Myles, P., Granger, D., Birse, M.,

54


https://doi.org/10.1016/j.iedeen.2019.07.001
https://doi.org/10.1108/SJME-10-2022-0221
https://doi.org/10.1108/CBTH-06-2023-0081
https://doi.org/10.1016/j.jbusres.2021.10.025
https://doi.org/10.18089/tms.2024SI02
https://doi.org/10.1109/MIS.2016.36
https://doi.org/10.1057/s41270-021-00143-6
https://doi.org/10.1080/12460125.2020.1819094
https://doi.org/10.1186/s12911-021-01488-9
https://doi.org/10.1038/s41746-018-0058-9
https://doi.org/10.55927/eajmr.v2i3.3112
https://doi.org/10.1007/s11747-022-00840-3
https://doi.org/10.1080/16549716.2019.1605704
https://doi.org/10.1002/ece3.8098
https://doi.org/10.1016/j.jnca.2019.102447
https://doi.org/10.1007/s10796-023-10412-7
https://doi.org/10.1016/j.techfore.2020.120480
https://doi.org/10.1016/j.chb.2021.106746
https://doi.org/10.1108/BL-03-2020-0022
https://doi.org/10.3390/computers12020037
https://doi.org/10.1016/j.jbusres.2023.114110
https://doi.org/10.1016/j.jjimei.2020.100002
https://doi.org/10.1016/j.jbusres.2021.01.055
https://doi.org/10.1016/j.jbusres.2022.04.007

Rita et al. (2025). Tourism & Management Studies, 21(1), 2025, 39-55

.f
s

’:,;«sg:

Branson, R., Moons, K. G. M., Collins, G. S., loannidis, J. P. A., Holmes, C., & Hemingway, H. (2020). Machine learning and artificial intelligence
research for patient benefit: 20 critical questions on transparency, replicability, ethics, and effectiveness. The BMJ, 368.
https://doi.org/10.1136/bmj.16927

Wang, C. Y., &Lin, J. J. H. (2023). Utilizing artificial intelligence to support analyzing self-regulated learning: A preliminary mixed-methods evaluation
from a human-centered perspective. Computers in Human Behavior, 144, 107721. https://doi.org/10.1016/j.chb.2023.107721

Williamson, B., & Eynon, R. (2020). Historical threads, missing links, and future directions in Al in education. In Learning, Media and Technology
(Vol. 45, Issue 3, pp. 223-235). Taylor & Francis. https://doi.org/10.1080/17439884.2020.1798995

Wu, L., Dodoo, N. A., Wen, T. J., & Ke, L. (2022). Understanding Twitter conversations about artificial intelligence in advertising based on natural
language processing. International Journal of Advertising, 41(4), 685-702. https://doi.org/10.1080/02650487.2021.1920218

Yim, A., Price, B., Agnihotri, R., & Cui, A. P. (2023). Do salespeople’s online profile pictures predict the number of online reviews? Effect of a babyface.
European Journal of Marketing, 57(7), 1886-1911. https://doi.org/10.1108/EJM-03-2022-0173

Ying, T., Tang, J., Ye, S., Tan, X., & Wei, W. (2022). Virtual reality in destination marketing: telepresence, social presence, and tourists’ visit intentions.
Journal of Travel Research, 61(8), 1738-1756. https://doi.org/10.1177/00472875211047273

55



https://doi.org/10.1136/bmj.l6927
https://doi.org/10.1016/j.chb.2023.107721
https://doi.org/10.1080/17439884.2020.1798995
https://doi.org/10.1080/02650487.2021.1920218
https://doi.org/10.1108/EJM-03-2022-0173
https://doi.org/10.1177/00472875211047273

