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Abstract 

The Initial Coin Offerings (ICOs) subject has been gaining relevance due 

to its nov- elty, due to the capital amounts involved in the projects, 

as well as the disruptive technology and methods involved. ICOs are a 

disruptive way to finance new projects which involve high risks and which 

are mainly technological. This way to finance a project has been 

compared to others, namely, crowdfunding, venture capital or Initial 

Public Offerings (IPOs). Nevertheless, ICOs have very specific 

characteris- tics which make them unique. We have studied the ICO 

projects and developed a literature review on the topic. Building on the 

Human Capital Theory (HCT), we have also studied the importance 

given to the project’s team and its perceived impact on projects’ 

success. Our contribution to fill in this literature gap was to develop 

an econometric model which measures the impact of team’s 

characteristics on the success of a project. The database was collected 

with the combination of two data sources and is composed of 3158 

profiles and 340 ICO projects. We have concluded that team variables 

are significant contributors to project’s success. Our data sug- gests 

that people’s location contributes to projects’ success as well as 

promoters’ networks. The ratings attributed by external parties to the 

project are also indica- tors of success. Several control variables such as 

the implementation of thresholds to investment, the number of 

currencies accepted, the platform in which the ICO is developed, the 

existence of bonus schemes and the year of the project were found to 

be statistically significant having an impact on projects’ outcome. 

Keywords Initial Coin Offering (ICO) · Fintech · Bank · Financial 

services · Technology · Blockchain · Human capital · Innovation · 

Venture capital · Crowdfunding 

JEL Classification J24 · M13 · O32 



 

1 Introduction 

 
Traditional financing ways have been dominating the investment arena 

but new ways such as crowdfunding have been emerging. The 

technological developments allowed for even more disruptive financing 

methods to appear, namely, the Initial Coin Offerings (ICOs) (Mamonov 

and Malaga 2020). The ICOs are disruptive and based on blockchain 

technology allowing the investment via a token and not fiat currencies 

(Chiu and Greene 2019) eliminating both investment and geographic 

barriers and democratizing the access to investments (OECD 2019). 

Although the similarities and the comparison done between ICOs and 

other financing forms such as crowdfunding, venture capital or Initial 

Public Offerings (IPOs) (OECD 2019) the first have unique 

characteristics which distinguish them (Kranz et al. 2019). The success 

of the ICO projects has also been studied in the academic literature 

(Jong et al. 2018) but several gaps still exist (Chen and Chen 

2020), for instance, a deeper study on the importance of the 

human capital on the suc- cess of projects (Fisch 2019) since this 

factor has been considered to be relevant (Allison et al. 2017; An et 

al. 2019). With this paper we aim to fill in the litera- ture gap by 

analyzing the team’s characteristics and understanding their impact 

on the project’s outcome. We have created a database composed by 

3158 profiles and 340 projects retrieved from a combination of two 

sources, namely, ICOBench and LinkedIn. The database contains several 

information on the profiles and on the projects from which it was 

possible to create variables and integrate them in an econometric 

model. We have concluded that several team variables contribute to 

the success of a project, namely, the promoters’ location, their 

networks, the size of the team and the ratings attributed to external 

parties concerning teams’ aspects. Our data also suggests that 

characteristics related with promoters’ educa- tion or professional 

experience do not play a relevant role defining the success of a project. 

Several control variables revealed to be significant contributors to the 

success of projects, namely, the implementation of thresholds to 

investment, the number of currencies accepted, the platform in which 

the ICO is developed, the existence of bonus schemes and the year of 

the project. Our research will start in Sect. 2 with the literature 

review in which we will be focusing on the ICOs’ main characteristics, 

perform a market snapshot, understand the advantages and disad- 

vantages of the ICOs, clarify the ICOs’ differentiation and lifecycle and 

under- stand the human capital importance in the projects. In Sect. 3 

we will explore the methodology used in the research and in Sect. 4 

we will present the results of our study starting with descriptive 



 

statistics followed by a correspondence analysis and the econometric 

model. We will conclude and discuss the results in Sect. 5. 

 
 
 

2 Literature review 

2.1 Main ICOs’ characteristics 

 

ICOs are an emerging topic in the literature but there is still a 

considerable lit- erature gap due to their novelty (Chen and Chen 

2020). ICOs’ main function is to fund innovative ventures which are 

based on a distributed ledger technology (DLT) such as blockchain (Kher 

et al. 2020; Sharma and Zhu 2020). The funding is performed via 

the tokens selling by the cutting-edge technological ventures and the 

tokens purchase by worldwide investors (Chiu and Greene 2019). 

Therefore, the investors are able to buy tokens directly from the 

new venture without the need of a third party involved. The tokens 

sold will be venture capital project’s functional future units, in other 

words, they will have a utility function, right of ownership or royalties 

(Fisch 2019). According to Howell et al. (2018) there are three main 

token categories: (i) currency token: used as a means of exchange and 

store such as a cryptocurrency; (ii) security token: used as a 

conventional secu- rity but recorded and exchanged on a blockchain. 

The underlying of this token type can range from corporate equity 

(typical share), to commodities, real estate or even currencies and; 

(iii) utility token: is the most common token type and provides to the 

buyer consumptive rights to access a product or service. Accord- ing 

to Kranz et al. (2019) there is a fourth type of token, namely, the 

donation tokens which do not grant any rights to the investor and 

are used to raise money for entrepreneurial and idealistic projects. 

According to Brochado (2018) there are also hybrid tokens which 

combine more than one of the characteristics men- tioned above. 

Besides, new token types should appear in the future (Fisch 2019). 

All the characteristics and main information on the ICO should be 

described in the Whitepaper of the new venture which, although 

unregulated, tries to mimic a regulated prospectus (Chiu and Greene 

2019). According to Brochado (2018) we could define ICOs as an 

alternative investment form that offers the possibility of direct 

financing from worldwide investors and which contributes to the 

democra- tization of entrepreneurship and access to capital markets. 

The ICOs are based on Blockchain technology and offer the chance to 

invest in a project’s initial phase through the acquisition of a token. It 

also allows the transaction of tokens in the secondary market which is 

essential to their success (Chen 2018). This defini- tion is in line 



 

with Fisch (2019) who also highlights the similar approaches of 

crowdfunding and ICOs, although an innovative characteristic of the 

latter is the possibility of selling tokens in a secondary market, which 

is not available in crowdfunding. 

 

2.2 ICOs’ snapshot 

 

The ICO market represents large volumes of token sales but also large 

amounts of capital raised (Moedl 2018). Data on ICOs cannot be 

completely correct and unbi- ased mainly due to two main reasons: (i) 

there are not official platforms where the ICOs might occur and be 

registered; (ii) several websites track ICOs but their data relies on 

manual user entries (Fisch 2019). Nevertheless, the website 

CoinSchedule (www.coinschedule.com) is used by several authors and its 

information can be taken as reliable (Masiak et al. 2018; Chiu and 

Greene 2019; Maume and Fromberger 2019; Rohr and Wright 2019). 

The first ICO was the MasterCoin in 2013 proposed by J.R. Willett 

and since then the ICO market has increased mainly due to its novelty 

and the hype caused by the valorization of cryptocurrencies, particularly 

Bitcoin, between the years of 2017–2018 (OECD 2019). During the 

last 4 years the ones with the largest amount of funds raised are 2017 

and 2018. The year of 2017 had a total of 442 token sales concluded 

with USD 6.4 billion (thousand million) of funds raised and 2018 was 

even better for the ICO market with 1051 token sales concluded and 

with USD 21 billion (thousand million) of funds raised. However, with 

the depreciation of Bitcoin since the end-2018, the ICO market also 

refrained and 2019 registered lower values compared with previous 

years, namely, 131 token sales concluded and USD 1.4 bil- lion (thousand 

million) of funds raised (Coinschedule 2020). A global vision can be 

found in Table 1 
The categories into which the ICOs fit have been changing since 2016. 
Neverthe- 

less, the investment in blockchain infrastructure has been constant over 

time and is in the top three investments. In 2016 it represented 

14.4% of the ICO investments, in 2017 it represented 20.6%, in 2018 

it represented 25% and in 2019 the total per- centage investment in 

this category was 7.8%. The investment in financial projects is also 

constant over time in the ICOs categories representing 64.8% of the 

invest- ment in 2016, 16.9% in 2017 and 15.4% in 2018. Trading and 

investment platforms were in the top 3 investments in 2016 

representing a percentage of 4.7%, in 2017 representing 12.4% and in 

2019 and 46.5% of the total investment. Two new catego- ries 

appeared in the top three investments in 2018 and 2019. In 2018 

ICOs in the communications category appeared with a total investment 

http://www.coinschedule.com/


 

representing 10.1% of the total investment and the category payments 

represented 8.8% of the total invest- ment in 2019 (Coinschedule 

2020). Furthermore, according to ICOBench (2020), which has a large 

database composed of 5690 ICO, the main ICO industries are: (i) 

platforms (3129 ICOs, USD 12.7B); (ii) cryptocurrency (2326 ICOs, 

USD 14.9B); 
(iii) business services (1271 ICOs, USD 4.3B); (iv) investment (996 
ICOs, USD 

3.4B), and; (v) smart contracts (840 ICOs, USD 2.1B). Geographically 

speaking, the counties with the largest number of ICOs are the 

following: (i) USA (716); (ii) Singapore (583); (iii) UK (505); (iv) 

Russia (328); (v) Estonia (299). In terms of the largest amount of 

funds raised in ICOs the top 5 countries are the following: (i) USA 

($7.3B); (ii) Singapore (2.5B); (iii) British virgin islands (2.4B); (iv) 

Switzer- land (1.8B); (v) UK (1.5B) (ICOBench 2020). A summary 

can be found in Table 2; Figs. 1 and 2. 

The ICOs market represents significant amounts of investment despite 

the fact that in 2017 45% of them have failed (OECD 2019). 

Furthermore, prior to trading in 2018, 81% of the ICOs were considered 

as scams and only 8% moved to trade from which only 3.8% were 

successful (OECD 2019). The fear of investing in a fraudulent project 

and the regulatory responses (Tiwari et al. 2020) have forced a 

decrease in the investment in ICO projects. However, recent literature 

has found that 



 

 

Table 1 Global vision of token sales and funds raised evolution 

Jan Feb Mar Apr May Jun Jul Aug Sep Oct Nov Dec Total 

2016 
            

Number of 1 0 

token 

sales 

1 0 5 1 4 4 6 7 10 13 52 

con- 

cluded 

Funds 3,00,000 – 

raised 

 

55,00,00

0 

 

– 

 

18,27,19,73

4 

 

9,72,798 

 

24,56,34

2 

 

1,22,95,22

7 

 

1,19,90,54

6 

 

1,26,09,3

49 

 

2,21,02,41

1 

 

59,76,334 

 

25,69,22,741 

2017 

Number of 9 7 
 

5 

 

14 

 

26 

 

32 

 

32 

 

38 

 

60 

 

69 

 

62 

 

88 

 

442 
token             

sales 

con- 

clude

d 

Funds 

raised 

2018 

 

 

8,20,08,737 2,24,63,657 1,88,37,264 8,18,17,029 28,97,23,458  66,20,53,515  49,27,90,512 42,69,55,503 86,87,59,649 97,92,31,108 81,36,17,738 

1,70,16,90,123 6,43,99,48,293 

Number of 97 109 110 120 141 97 89 64 55 60 64 45 1,051 

token 

sales 

con- 

cluded 

Funds 

raise

d 

2019 

2,09,80,59,389 1,70,75,84,429 4,48,62,67,223 1,21,54,65,341 1,97,35,66,501 5,79,63,94,009 86,34,87,460 87,43,28,860 52,63,27,636 61,89,23,080 

40,67,63,417 51,87,58,069  21,08,59,25,414 

Number of 24 19 21 9 7 12 9 4 9 5 9 3 131 

token 

sales 

con- 

cluded 

Funds 

raise

d 



 

 

29,06,71

,532  

11,14,98,733  19,32,24,902  7,36,33,660 9,13,19,322 15,86,10,707  5,74,41,868  1,15,50,000  37,37,51,392 4,34,23,497  4,65,53,123  

24,58,940 1,45,41,37,676 

Based on data in: https://www.coinschedule.com/stats. All the amounts are in USD. The table provides a global vision of the number of token sales and funds raised between the years of 2016 and 2019 on a monthly 

basis. Clearly the highest amounts in both categories took place in 2017 and 2018 

https://www.coinschedule.com/stats


 

 

Table 2 Token sales 

by categories 

 
 

2016 

Finance 64.80% 

Blockchain infrastructure 14.40% 

Trading and investment 4.70% 

2017 

Blockchain infrastructure 20.60% 

Finance 16.90% 

Trading and investment 12.40% 

2018 

Blockchain infrastructure 25.00% 

Finance 15.40% 

Communications 10.10% 

2019 

Trading and investment 46.50% 

Payments 8.80% 

Blockchain infrastructure 7.80% 
 

Based on data in: https://www.coinschedule.com/stats. 

The table provides a yearly based view on the categories 

which represent more token sales. The values include ICO, 

STO and IEO, the last two acronyms being new forms of 

ICOs 

https://www.coinschedule.com/stats


 

 

 

Fig. 1 Countries with the 

largest number of ICOs 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

the previous percentages of scam projects are inflated. A study has 

found that, in the worst-case scenario, only 49% of sample used could 

be considered fraudulent projects. Projects’ failure is more related with 

technical or entrepreneurial reasons rather than with a fraudulent 

activity. The same study develops a methodology useful for investors 

to identify fraudulent projects based on three criteria: (i) plagiarism; 

(ii) identity theft; (iii) advertising of improbably returns (Liebau and 

Schueffel 2019). 

 

Fig. 2 Amounts raised per country 

 

 

 

 

 

 

 

 

 

 



 

 

A further study defends that it is a difficult task to predict fraud at 

the issuance time of a project. It also defends that the disclosure of 

information may not be a good pre- dictor of the quality of a project 

due to plagiarism issues and because open-source codes, published in 

Github, may be the target of hackers jeopardizing the entire pro- ject 

(Hornuf et al. 2019). This argument supports the need for high quality 

signals in order to avoid information asymmetries between project’s 

promoters and investors (Fisch 2019). Furthermore, there is the need 

for third-party agents which could cer- tify the quality of the project 

through specialized due diligence (Hornuf et al. 2019). The 5 ICOs 

which raised the largest amounts of funding represent a total of USD 

7.8 billion. These ICOs are the following: (i) EOS (USD 4.1B): is a 

software based on blockchain technology creating a technology that has 

the potential to scale to millions of transactions per second, eliminates 

user fees and allows for quick and easy deployment of decentralized 

applications; (ii) Telegram Open Network (USD 1.7B): decentralized 

cryptocurrency which intends to be accessible to everyone (the founders 

state that bitcoin has established itself as the digital gold) integrating 

also a messenger service based on Telegram’s blockchain; (iii) BITFINEX 

(USD 1B): is a cryptocurrency exchange allowing the buying and selling 

of several of these curren- cies; (iv) TaTaTu (USD 575 M): social 

platform with a reward system based on the attribution of tokens to 

be used in the platform’s market; (v) Dragon (USD 320 M): is a 

decentralized cryptocurrency to be used in casinos which use the 

company’s blockchain facilities. Based on the information provided by 

ICOBench (2020), the authors have found that the team composition 

of the most successful projects are quite similar. The founding teams 

are considered commonly large as EOS project has 4 elements, Telegram 

has 5 elements, BITFINEX has 6 elements, TaTaTu has 12 elements 

and Dragon has 17 elements. These teams are quite diversified as ICO 

projects use global talent as its source. The founding members are from 

different regions of the world. The teams have elements with managerial 

and technological experiences and sometimes both combined. There is a 

predominance of members with university degrees, mainly bachelor and 

master degrees. The ratings attributed 



 

 

 

 

Fig. 3 ICO’s level of interest according to Google Trends 

by external parties to the project are considered high as the lowest 

rating of 3.2 was attributed to the Dragon project and the highest 

rating of 4.1 was attributed to EOS project. The team ratings are 

considered very high (except for the Dragon project which was 

unavailable) as the lowest rating was 3.6 attributed to TaTaTu and 

the highest of 4.8 to BITFINEX. 

The huge attention given to ICOs is also verified by a Google trends 

analysis. The ICO topic had a peak in popularity in the years of 2017–

2018 and the level of inter- est reached 100 points between those 

years as per Fig. 3 (Google 2020). The high level of interest verified 

is also in line with the amounts of funds raised as explored before. 

One of the reasons that explain the increasing amount of funds raised 

in ICOs during the years of 2017–2018 is the increase of value of 

cryptocurrencies during those years (Fisch 2019; OECD 2019) because 

shocks in cryptocurrencies have impacts on ICO volumes (Masiak et al. 

2018). Not only the interest in these kinds of topics raises awareness 

of a wider public but also a constant increase of value of 

cryptocurrencies that are used to finance ICOs contributes to a larger 

amount of funds the new ventures can obtain. The authors have 

collected data on the funds raised by ICOs from Coinschedule (2020) 

and data on Bitcoin and Altcoins’ mar- ket capitalization from CoinDance 

(2020) (previously used in research by Sovbetov (2018)) and 

performed a simple linear regression between both. Therefore, a corre- 

lation was found with an R-squared of 0.2 with data between the years 

of 2016–2019 as per Fig. 4. The movements can be easily observed in 



 

 

the line chart in Fig. 5. Altcoins have been introduced recently as 

feasible alternatives to Bitcoin and their introduction has a negative 

effect on Bticoin’s returns (Nguyen et al. 2019). The cor- relation 

between ICOs funds raised and cryptocurrencies market cap is even larger 

when only Altcoins are considered. 

 
 

 

Fig. 4 Correlation between cryptocurrencies’ market cap and ICOs’ funds raised 

 

Fig. 5 Cryptocurrencies market cap (left axis) and ICOs’ funds raised (right axis) 

 



 

 

2.3 Advantages and disadvantages of ICOs 

 

The ICOs are a new and innovative way of funding projects which have 

several advantages from which investors can take advantage. According 

to Brochado (2018) the advantages can be distinguished between 

entrepreneurs and investors. The main advantages to the entrepreneurs 

begin with the fact that many projects are open source (e.g. 

Wikipedia) and that the ICO is a way of rewarding the promoters of 

these projects. Through the ICOs the entrepreneurs can have access to 

a large num- ber of investors globally and this constitutes a form of 

financial investments democ- ratization. The promoters’ network is 

crucial for a successful campaign and the appreciation of a token’s value 

can increase the investment on it due to the aware- ness created which 

also leads to a wide brand exposure. The utility tokens work as a sign 

of demand for the product offered and can help entrepreneurs take 

decisions. For the investors, the ICOs offer the possibility of a wider 

portfolio diversification not only due to being a different type of 

investment but also due to a large spectrum of projects in several 

industries (Adhami and Guegan 2019). This global reach of ICOs is also 

important for investors who can invest worldwide. Besides, there is a 

democratization of investments also for investors once there are much 

lower costs associated with ICOs investment and also a lower entrance 

amount. The investors can enter in the project in its very initial 

phase being the tokens bought as a liq- uid asset exchanged in several 

platforms. Although not guaranteed, the existence of a secondary 

market for tokens (listed on crypto-exchanges) is desirable and highly 

recommended to the promoters of the ICOs once it gives the possibility 

to the inves- tors to trade their tokens (Boreiko et al. 2019) and also 

provides a view of the pro- jects’ success once the token’s price is in 

principle determined freely (OECD 2019). Crypto exchanges are gaining 

huge importance which are seen as complementary to the ones in 

capital markets (Boreiko et al. 2019). There are also some disadvan- 

tages in the use of ICOs for entrepreneurs and investors. The 

entrepreneurs can face an opportunity cost due to selling the tokens 

in an early phase when the tokens are still undervalued and also face 

serious difficulties achieving the financing needed. This difficulty is 

particularly present in hard cap projects once this imposition means 

that an amount which should be raised is previously established and 

trans- lated into a cap in the number of tokens that will be raised. 

The projects without a hard cap may suffer from the erosion of the 

value of the token since new tokens are constantly issued and force 

depreciation of previous ones (OECD 2019). Inves- tors who finance a 

project in such an early stage admit a high risk once they are investing 

in project that is still intangible and that may have little information 



 

 

on them which leads to a deficient project’s evaluation. As a high 

percentage of ICOs are confirmed as scams, investors may finance 

fraudulent projects. Cybersecurity is also an issue due to possible 

breaches in personal accounts. Furthermore, although a secondary 

market for ICOs should exist it does not imply low token volatility. A 

disadvantage to both entrepreneurs and investors is a possible tough 

fiscal policy on money obtained through an ICO. On the other side, a 

risk posed to regulators is fiscal evasion or money laundering through 

these investments since they are mostly anonymized and thus criminals 

can take advantage of technology to pursue criminal activities (Foley et 

al. 2018). Nevertheless, evidence based on ICO statements issued by 

regulators shows that they do not seem to focus on utilization by 

criminals of these instruments, which do not constitute high risk, but 

mostly with fraud (Dostov et al. 2019). In general terms, the risks 

associated with fintechs may also be applied to the use of ICOs and 

therefore divided in risks for the consumers, companies and financial 

stability (KPMG 2019). Consequently, the main risks for consumers 

are associated with the lack of consumer understanding and deficient 

selling of products and services. Concerns are also raised in terms of 

data privacy, security and pro- tection as well financial exclusion of 

populations due to less access to technology (Meena et al. 2017; Chen 

2018). However, the use of digital financial services pro- motes inclusion 

and entrepreneurship even for populations living in less developed 

countries with less access to technology (Larios-Hernández 2017). 

Companies using these innovative solutions (i.e. fintech or ICOs) will 

also need to assess their busi- ness model viability such as conducting a 

strong Anti-Money Laundering (AML) policy. They will also need to be 

able to handle high amounts of data. If ICOs become widely used, they 

may also pose challenges to the entire financial stability such as 

concentration, wide use of crypto assets, the use of alternative 

challenges of financial intermediation and herd-like behavior (OECD 

2019). 

2.4 ICOs’ investment process and ecosystem 

 

The process of investing in an ICO starts by identifying the ongoing 

opportunities and also by collecting information on more interesting 

projects. Then, the investor should select an exchange and open an 

account to which fiat currency should be transferred and used to acquire 

virtual currencies. At that point, the investor should select a wallet. 

The process’s last phase is to check the ICO’s Agreement (i.e. White- 

paper), download the recommended wallet and buy tokens transferring 

the virtual currency previously purchased to the ICO address. The tokens 

should be kept or sold in an Exchange (Kranz et al. 2019). The main 



 

 

aspects of the project are described on the so-called Whitepaper which 

has not only the detailed aspects of the project but also its expected 

returns from dividends or participation on the company’s capital. Most 

ICOs are capped and happen in Ethereum blockchain (Howell et al. 

2018). 
The ICOs’ ecosystem is composed of several players being individuals or 
institu- 

tions willing to invest or be financed (Spinedi et al. 2019). Among 

others, the players are digital exchanges, trading platforms, digital 

wallet providers, financial and tech- nological advisors and traditional 

players if ICOs are used in traditional financial market schemes, for 

instance, bought by hedge funds. The networks are of extreme 

importance in ICOs hand in hand as marketing and information spread 

about the project. Information might be shared in social media or 

specialized websites. The network importance is proved by the “airdrop” 

technique in which promoters deliver free tokens to active wallets in 

order to create awareness of the projects and attract more investment 

(OECD 2019). Token sales are usually characterized by four main 

aspects: (i) cap on the amount of money to raise: uncapped ICOs cause 

issues with price volatility; (ii) time limit for the token sale: although 

currently ICOs receive most investments within the first moments of 

the sale the process closes as soon as the time established expires or 

the cap limit is reached; (iii) transparency of the total number of 

tokens in circulation and in the sale: crucial for buyers in order to 

deter- mine the tokens’ value during the token sale; (iv) clear token 

value: token value can be explicitly stated or easily derived from the 

cap limit and number of tokens avail- able (Massey et al. 2017). 

Currently, besides the ICO model there are also two addi- tional models, 

namely, Initial Exchange Offering (IEO) and Security Token Offer- ing 

(STO). IEOs are popular since 2019 and contrary to the ICOs they 

happen in a specific crypto exchange and are conducted by a determined 

platform which charges fees and a percentage of tokens to the new 

venture. STOs are security tokens issued publicly traded and with some 

degree of regulation and investor protection in some jurisdictions. STOs, 

contrary to ICOs, offer some rights to the buyers and are backed by 

companies’ assets (Davis et al. 2019). 

 

 

 

2.5 Lifecycle of an ICO 

 

According to Kranz et al. (2019) the token sales, commonly referred 



 

 

here as ICO, have three main stages which can be considered the 

project’s lifecycle and have spe- cific characteristics and activities. These 

phases are: (1) pre-token sale; (2) token sale; (3) post-token sale. 

In the first and longer stage of the process, named by the authors the 

“pre-token sale”, the promoters should decide on the type of tokens 

to be sold among the several possibilities (donation, utility, currency or 

security tokens) according to the project’s characteristics and investors’ 

expectations. Thereafter, the promoters should decide on whether to 

apply caps and their typology, in other words, the maximum limit 

of tokens issued and their value. The type of caps are: (i) no cap: 

where there are no limits for the issue of new tokens and capital 

raised which has negative impacts on the value of tokens (OECD 2019); 

(ii) soft-cap: defines a minimum amount of tokens to be sold and the 

investment will be returned if this limit is not achieved; 
(iii) hard-cap: an upper limit of tokens to sell is defined and once 
reached no more 

investment is accepted; (iv) collect and return: a hard-cap is defined 

and if surpassed the tokens will be distributed respecting the ratio of 

the hard cap to the total funds received; (v) dynamic ceiling: several 

hard-cap limits are defined and kept secret. Therefore, the token sales 

will be done in several rounds avoiding the dominance of a small group 

of big investors. The promoters should also define the tokens’ pricing 

model which can be fixed or floating and define the token sales’ schedule 

which can include a pre-sale where tokens are sold at a discount and 

this is used to attract vis- ibility and investment. After the designs 

are defined a smart contract must be devel- oped. The final task of 

this stage is to publish the Whitepaper with all the relevant information 

on the project which should be as detailed as possible to overcome the 

lack of regulation (Howell et al. 2018). 
The second phase is named the “token sales” and starts with the 
activation of the smart contract and the actual sale of tokens which 
usually lasts for 41 days (Bened- etti and Kostovetsky 2021). During this 
phase a due diligence on the investors might be requested in order to 
avoid money laundering activities. The actual token sales happen when the 
investors’ funds are transferred to the promoters’ wallets via the smart 
contract.. The third and last phase according to Kranz et al. (2019) is 
the “post-token sales” in which the tokens are distributed to the 
investors’ wallets via the smart contract. The issuers should then develop 
the product or service financed and keep the rela- tion with investors 
healthy by keeping them informed and engaged in order to increase 
awareness and recognition on the project since it most likely is listed in 
a crypto exchange subject to price volatility as traditional stocks. 



 

 

3 Human capital in ICO projects 

3.1 Human capital theory (HCT) and the ICO projects 

 

The Human Capital Theory (HCT) is focused on the individual and 

states that the individuals and the society strongly and consistently 

benefit from the invest- ment in people. This theory also differentiates 

the consumptive expenditures from the human capital expenditures since 

the first provides fewer and immediate ben- efits while the second is 

considered an investment (Sweetland 1996). This the- ory has its 

firsts roots in the eighteenth century with economists such as Adam 

Smith, John Stuart Mill and Alfred Marshall who focused on the fact 

that labor inputs must not only be considered quantitative but also 

qualitative, since workers acquire abilities which increase productivity 

(Sweetland 1996). Further studies have been developed to focus 

particularly on education and experience proving that better educated 

people are also better paid (Mincer 1958; Schultz 1961) and more 

productive (Fabricant 1959). Moreover, studies have been developed on 

the subject mainly due to the interest raised in the USA aiming 

to explain a large part of economic growth unaccounted by conventional 

economic means (Becker 1994). Several studies have focused on the 

human capital characteristics with- out mentioning their direct link to 

HCT. Nevertheless, more recent research has evolved to include further 

human capital characteristics and link them to the suc- cess obtained 

by ventures and companies with a direct link to the theory (Bruderl 

et al. 1992). Studies focused on the HCT have argued that human 

capital charac- teristics influence organizational success since greater 

human capital increases the productivity of the founder, who is able 

to better use his or her inputs, which then increases company’s profits 

(Bates 1985). Indeed, human capital is posi- tively related to better 

planning and strategy which influences success (Unger et al. 2011). 

There are also mechanisms which operate prior to the founding of 

the enterprise since better human capital equipped individuals obtain 

higher pre- vious income which allows them to set larger businesses with 

higher financial sta- bility (Bruderl et al. 1992). Human capital is found 

to be also important to over- come eventual lack of financial capital 

(Brush et al. 2001). Furthermore, human capital is seen as important 

to endow founders with the capabilities of foreseeing and exploring 

market opportunities which contributes to the success of a project 

(Unger et al. 2011). Human capital signals are important to reduce 

information asymmetries between investors and promoters which should 

lead to a better per- ception of the venture (Piva and Rossi-Lamastra 

2018). The human capital char- acteristics are particularly decisive in 

younger businesses (Unger et al. 2011). 



 

 

Overall, the human capital characteristics are considered to be linked 
with the 

success of a company and the individual success. Characteristics such 

as years of schooling and work experience are seen as important 

success factors (Bruderl et al. 1992). Further characteristics such as 

business education, entrepreneurial experience and networks (LinkedIn 

connections) are also considered to be impor- tant human capital 

characteristics (Piva and Rossi-Lamastra 2018). Nevertheless, studies 

based on human capital theory frequently assume that experience 

means knowledge and skills (Frese and Rauch 2001). This is not always 

the case as more experience may not mean that an individual is a better 

professional. This differ- entiation is sharper when analyzing the tasks 

performed by excellent and average professionals (Sonnentag 1995). 

 

3.2 ICOs’ corporate governance and human capital 

 

ICOs have been compared with crowdfunding, Venture Capital (VC) and 

Initial Public Offerings (IPOs) (Block et al. 2020), which are traditional 

ways of project financing, but there are substantial differences between 

these concepts (Biasi and Chakravorti 2019) and ICOs have also been 

challenging them (Schückes and Gut- mann 2020). Besides some 

common characteristics between the concepts they are mostly distinct 

and, consequently, so is the relationship between entrepreneurs and 

investors (OECD 2019). The main difference in the entrepreneur-

investor relation among the different financing forms is the complete 

inexistence of intermediaries in pure ICOs (OECD 2019). The same does 

not happen in crowdfunding (Delivorias 2017), VC (Gompers and Lerner 

2001) or IPOs (Howell et al. 2018). The regulation is very tight in 

IPO processes where a rigid due diligence is made on the company and 

on the investors, which creates barriers to participate in the process 

(Khurshed 2019), while ICOs are mainly unregulated (Zhang et al. 

2020). Investors will ulti- mately interact with each other and 

indirectly with the entrepreneurial team when the token is traded in 

the secondary market available in ICOs but not in crowdfund- ing 

(Brochado 2018) or VC (OECD 2019). 
As stated before, ICOs have two main measures of fundraising goals: 
(i) soft-cap, 

and; (ii) hard-cap. Therefore, the total amount raised by an ICO is 

considered to be the best measure of its success (An et al. 2019; Fisch 

2019). Although founders’ col- lective human capital affects the 

amounts raised by an ICO (An et al. 2019) most of them are not 

subject to traditional corporate governance rules since entrepreneurs 

and promoters have total control over the funds raised which increase 

the need to a strong corporate governance (Goergen and Rondi 2019; 



 

 

Momtaz 2020a, b). Hence, most ICOs do not have a formal or informal 

type of board which works as an over- sight mechanism of management. 

Besides, regular reporting is not a frequent prac- tice which poses a 

further risk to investors (OECD 2019). Therefore, if a traditional 

company wishes to pursue an ICO, it should also have several impacts 

on its current corporate governance. These facts increase the importance 

of a strong entrepreneur- ial team in order to achieve the success 

expected (Spinedi et al. 2019). VC compa- nies state that the most 

important feature of a new project is the experience of the team. 

Skills are considered the most frequent selection criteria for VC 

companies. Besides, projects with larger top management teams, 

presidents with wider roles and that currently preside other projects, 

obtained much higher VC funding. The fact that the president executes 

several roles proves that he has more expertise but, on the contrary, 

if the president has participated previously in entrepreneurial projects 

with less success that negatively affects the funding of the current one 

(Baum and Silver- man 2004). 

The human capital characteristics of the founding team can be 

considered the following: (i) professional experience (Giudici and 

Adhami 2019); (ii) experi- ence in blockchain projects (Brochado 

2018); (iii) entrepreneurial profile (Howell et al. 2018); (iv) number 

of founders (Jin et al. 2017); (v) existence of social media accounts 

(Albrecht et al. 2019; Yeh and Chen 2020). Investors prefer teams 

with founders who have a past record of success in blockchain projects 

(Brochado 2018). According to a study performed using a database of 

935 ICOs between 2014 and 2017, the probability of success is 

positively related with the number of members in the project team and 

the number of members of the advisory committee as well as to the 

token retention rate by the ICO promoters (Giudici and Adhami 2019). 

The importance given to the size of the teams is particularly important 

for new ventures, which face complex tasks and uncertain environments, 

since it is viewed as a way of exchanging information (Jin et al. 2017). 

The diversity associated with team size is considered important to 

improve the decision quality and organizational perfor- mance (Boone 

and Hendriks 2009). New ventures have better changes of survival if 

their teams are considered to have a high degree of diversity 

(Zimmerman and Zeitz 2002). Larger teams also have the chance 

to combine skills leading to bet- ter performance, but larger team 

size could also mean inefficiency due to the exist- ence of too much 

expertise and management styles (Lechler 2001). Cohesion of the 

founding team is considered important in order to maintain the stability 

of the team since instability may lead to members’ exit. Indeed, larger 

founding teams are nega- tively correlated with later members’ entry 



 

 

and positively associated with members’ exit (Ucbasaran et al. 2003). 

Therefore, we have found arguments in favor of larger teams with 

warnings concerning their failure leading us to conclude that both small 

and large teams have their own advantages. Other human capital 

variables are not that relevant for ICOs’ success such as education or 

teams with more entrepreneurial experience (Giudici and Adhami 2019). 

The same logic is already applied to crowd- funding once one of the 

sources of credibility is the entrepreneurs’ human capital which is 

characterized by education and experience. Thus, both education and 

expe- rience are positively correlated with a good crowdfunding 

performance but only the second is statistically relevant (Allison et 

al. 2017). On the opposite, in entre- preneurship, the entrepreneurs’ 

education and experience is important for external stakeholders. It is 

also perceived that entrepreneurs with high academic degrees tend to 

pursue innovative strategies but entrepreneurs with experience in 

finance or sales do not (Burton et al. 2002). Finally, the disclosure of 

teams’ information is linked to higher funds raised. In terms of time 

needed to successfully complete an ICO, there is also a positive relation 

between less time needed to achieve ICO’s goals and the existence of a 

founding team with business, blockchain and technology experience, 

corporate board background and large social networks (An et al. 2019). 

 

3.3 Model and hypothesis 

 

Building on the human capital theory, the characteristics of the 

entrepreneurs influ- ence the outcome of their projects. Indeed, studies 

suggest that education improves economic capabilities of people (Schultz 

1961) and positively impacts the outcome 



 

 

of a project side by side with other variables such as professional 

experience and geographic location (Bruderl et al. 1992). Current 

literature has also focused on the human capital characteristics in 

crowdfunding (Piva and Rossi-Lamastra 2018) and entrepreneurship 

suggesting that human capital variables are important for a suc- cessful 

project (Unger et al. 2011). Literature dedicated to the study of ICOs 

has also dedicated attention to the founders’ characteristics and their 

impact on the out- come of a project (An et al. 2019; Giudici and 

Adhami 2019). Hence, we have built our research on the human capital 

theory and the characteristics identified as hav- ing an impact on the 

success of a project. Therefore, our research aims to test the hypothesis 

that team’s characteristics influence the success of ICOs projects (Fisch 

2019). We have tested this hypothesis following a quantitative 

approach. We have developed three econometric models with three 

different dependent variables fol- lowing the approach by Jong et al. 

(2018). 

 

4 Methodology 

4.1 Database and variables 

 

The data used in this research is secondary and collected from ICOBench 

a web- site which comprises a large database on ICOs (ICOBench 2020). 

The information provided by the website is mostly related to the 

projects and concerns among other data: the project’s year, amounts 

raised, type of cap, existence of pre-sales or bonus schemes. It also 

compiles information on the team, such as their composition and 

functions. The data was collected via a premium subscription which 

gave access to an API. As the main objective of the research is to 

study the ICO’s teams, the complementary information was collected 

from the public LinkedIn profiles of the team members. This resulted 

in the collection of 556 ICO projects, on the banking/ financial area, 

from which 216 were discarded due to lack of crucial information and 

leaving the database with 340 projects. The projects’ teams were 

composed of 5025 profiles from which we were able to keep 3158 once 

1867 were discarded due to lack of crucial information. We have selected 

ICO projects in the banking/financial area due to the impact this 

industry faces and the challenges put to their traditional business model 

with the appearance of fintech companies. Financial institutions’ role as 

third parties is being challenged by new models such as ICOs (Campino 

et al. 2020). Furthermore, the industry in which the project is 

developed influences its outcome (Hartmann et al. 2019) since some 

industries have tendentially less suc- cessful projects (Davies and 



 

 

Giovannetti 2018). We would like to avoid the risk of a biased result 

given the specificities of our research focused on the human capital. 

There are some studies using a mixed industry database (An et al. 

2019) and thus, we would like to differentiate from that approach in 

this case. 
There is no consensus concerning the most correct measure for ICOs’ 
success 

and thus we have developed three of them and tested them in different 

models (Jong et al. 2018). The first dependent variable is a binary 

variable of achievement of the minimum level of capital defined by the 

project’s promoters. The second depend- ent variable is the natural 

logarithm of the percentage above the minimum capital achieved, in 

other words, the successful projects are the ones which achieve at least 

the minimum capital and the most successful will be the ones which 

surpass that threshold by a higher percentage. The last dependent 

variable is the natural loga- rithm of the total capital achieved. We 

have defined several independent variables concerning the team: (i) 

person location; (ii) number of projects per person; (iii) number of 

LinkedIn connections; (iv) previous managerial experience; (v) previ- ous 

technology experience; (vi) education; (vii) business degree; (viii) 

technology degree; (ix) team rating; (x) vision rating; (xi) number of 

team elements. The control variables included and related with the 

project itself are: (i) soft cap limit existence; 
(ii) hard cap limit existence; (iii) token price; (iv) currencies accepted 
in the ICO; 

(v) the ICO is based on an Ethereum platform; (vi) bonus scheme 

existence; (vii) ICO rating according to ICOBench; (viii) ICO year. We 

have summarized the vari- ables in Table 3. 

 

4.2 Robust regression and multiple logistic regression 

 

In order to regress our model, test the assumptions and perform several 

graphs we used the software STATA 14. We started by performing a 

matrix scatter plot for all the variables in our model and have 

confirmed that sometimes the data appeared to have a normal 

distribution but most of the times that was not the case. The non- 

normality of the residuals is confirmed when a skewness and kurtosis 

test is per- formed which confirmed the null hypothesis. Furthermore, 

we have performed a Shapiro–Wilk test which confirmed that the 

residuals were not normally distributed (STATA 2020a). The data also 

suffered from heteroskedasticity once the residuals exhibit non-constant 

variation confirmed by the Breusch-Pagan test and reinforced by the 

White’s general test for heteroskedasticity which overcomes some 

limitation of the first test (Williams 2020). We have also checked for 



 

 

multicollinearity per- forming a Variance Inflation Factor (VIF) test 

which did not confirm collinearity. Therefore, regressing the model using 

the OLS method for the logarithmic varia- bles could lead to biased 

estimations and we adopted the robust regression using the command 

“rreg” in STATA (STATA 2020b) which is a strong substitute to the 

standard OLS method since it offers protection against distortion of 

anomalous data (Li 1985). Concerning the binary variable measuring the 

achievement of the soft- cap threshold a different model was used, 

namely, the multiple logistic regression model using the command “logit” 

in STATA (STATA 2020c). 

 

5 Results 

5.1 Profiles descriptive statistics 

 

The focus of our research is the ICO promoters’ profiles and thus we 

have developed several descriptive statistics on the profile’s 

characteristics. Regarding networks which are crucial in this type of 

projects, we verified that the profiles analyzed have large networks 

judging by the LinkedIn connections. In our sample, 71% of the 



 

 

Table 3 Variables included in the econometric models 

Variable Description Coding Source 

Dependent variables 

Log of capital raised 

 

Logarithm of the total capital raised in USD 

 

Decimal 

 

ICO 

Bench 

Log of capital raised over soft-

cap 

Logarithm of the total capital raised divided by the soft-cap threshold in 

USD 

Decimal ICO 

Bench 

Soft-cap achieved Binary variable of soft-cap threshold achievement Binary ICO 

Bench 

Independent variables 

Bonus scheme 

 

Binary variable of bonus scheme existence 

 

Binary 

 

ICO 

Bench 

Business degree Binary variable of profile’s education Binary LinkedIn 

Currencies accepted Number of currencies accepted by the project Integer ICO 

Bench 

Education Level of education achieved Integer LinkedIn 

Ethereum platform Binary variable identifying if the project is based on Ethereum Binary ICO 

Bench 

Fundraising goal Binary variable identifying the existence of a fundraising goal such as had- 

or soft-cap 

Binary ICO 

Bench 

ICO year Year of the ICO campaign Integer ICO 

Bench 

LinkedIn connections Connections on LinkedIn Integer LinkedIn 

Managerial experience Binary variable of profile’s experience Binary LinkedIn 

Number of projects per person Number of projects in which each person participated Integer ICO 

Bench 

Number of team elements Size of project’s team Integer ICO 

Bench 

Location Location of the team member. Sub-divided into regions, e.g. America and 

Europe 

Binary LinkedIn 

ICO rating Rating attributed by ICO Bench Decimal ICO 

Bench 



 

 

Team rating Rating attributed by ICO Bench Decimal ICO 

Bench 

Technology degree Binary variable of profile’s education Binary LinkedIn 

Technology experience Binary variable of profile’s experience Binary LinkedIn 

Token price Price of the token when launched Decimal ICO 

Bench 

Vision rating Rating attributed by ICO Bench Decimal ICO 

Bench 

The variables described in this table were included in the econometric models and were collected from the ICOBench database and from LinkedIn 



 

 

profiles have 500 or more connections on LinkedIn and 97% have 1 

social network. The most used social network is LinkedIn (source of 

several information on the pro- files) followed by Facebook and Twitter. 

The large majority of the profiles are located in Europe (49%) 

followed by Asia–Pacific (25%), North America (17%) and other regions 

(9%). Within Europe the predominant countries are the UK (18%), 

Russia (15%), France (8%), Switzer- land (7%), Germany (5%) and 

Ukraine (5%). In North America the United States are by far the 

country with more promoters with 88% of the sample and Canada 

repre- senting 12%. In the Asia–Pacific region the predominant countries 

are India (21%), Singapore (18%), Australia (10%), Korea (8%) and 

China (5%). The remaining regions represented in the sample are the 

Middle East (38%), Africa (29%), South America (27%) and Central 

America (6%). 
The profiles on our sample are highly educated since 98% have an 
academic 

degree. From the entire sample 52% have a bachelor degree, 40% have 

a Master degree, 6% have a PhD and therefore only 2% have no 

academic degree. The per- centage of profiles with a business or 

technology degree is roughly the same with 35% and profiles having 

both degrees represent 8% of the sample. 

Regarding previous professional experience we concluded that 69% of 

the pro- files had a managerial experience and 25% had a technology 

experience. Profiles combining both experiences represent 11% of the 

sample. In terms of project par- ticipation, 96% of the profiles 

participated in 1 project, 3% in 2 projects and 1% in more than 2 

projects. The teams are composed by 18% of advisors. Within the ICO 

teams (excluding advisors) 51% have managerial functions, 32% have a 

technologi- cal function and 11% have both functions. The main 

functions’ titles are in line with traditional companies but these projects 

include innovative positions, for instance, in the board. The main 

functions titles are represented in Fig. 6. 

 

5.2 Variables descriptive statistics 

 

We have developed a correspondence table which allows a deeper 

understanding of the distribution of variables conditional to the 

dependent variable selected. 

Table 4 identifies all the independent variables used in the 

econometric model and depicts their distribution given the dependent 

variable selected. For instance, it depicts the geographic profiles’ 

distribution linking it to a successful or unsuccessful project. Therefore, 

we conclude that the variable distribution is similar regardless of the 



 

 

dependent variable selected. In terms of geographic location there is a 

trend of more successful projects promoted by profiles located in Europe 

and Asia–Pacific. The North American region is associated with similar 

percentages of success and unsuccess regardless of the measure selected. 

The remaining regions tend to have more unsuccessful projects except 

for the Middle East which, as North America, tends to have the same 

percentages for successful and unsuccessful projects. As the large 

majority of the profiles participate in 1 up to 3 projects, the most 

successful ones are within this range and when the project’s 

participation increases, they are less successful. As previously stated, 

the networks are crucial in this type of projects and thus having a 

higher number of connections on LinkedIn is also associated with more 

successful projects. In the correspondence table we confirm that profiles 

with less connections tend to be associated with less successful projects 

and the contrary happens with profiles with higher number of 

connections. In terms of professional experience, we confirm that 

although the difference is small, there is a higher percentage of 

successful projects when the profile had previous managerial experience 

and the contrary happens when the profile has previously technological 

experience. The variable education, which is divided into several levels, 

does not have a significant variation in percentage of successful projects 

when the level of education increases. For instance, the PhD level has 

always the same percentage of successful and unsuccessful projects and 

the highest difference in the percentages is using the dependent variable 

log of capital raised over soft-cap threshold and for bachelor and 

master’s levels where there is a higher percentage of successful projects.



 

 

J. Campino et al. 
 

 

Fig. 6 Main functions of ICOs’ teams 

 

Regarding the type of academic degree, we can see that the same 

situation happens with the professional experience once although small 

percentage differences, there is a ten- dency to have successful projects 

when the profile has a business degree inversely to when the profile 

has a technology degree. The projects’ ratings are attributed by a 

combination of an automated analysis from the ICOBench’s algorithm 

together with experts’ evaluation (ICOBench 2020). Therefore, they 

are an important factor to be considered by the investors before 

deciding to whether to support a project or not. As expected, the 

variable team rating shows considerable percentage changes between 

successful and unsuccessful projects depending on the attributed rating. 

The teams with lower ratings are associated with less successful projects. 

Together with the team rating, the vision rating also shows the same 

trend although much more moderated. Across all the dependent 

variables the tendency to have successful 



 

 

Table 4 Cross-table between dependent and independent variables 

Soft cap achieved Log of capital raised/softCap Log of capital raised 

 
No % Yes % 

 
Below median % Equal/Abov

e median 

% 
 

Below median % Equal/Abov

e median 

% 

Person location 
              

North America 283 9 265 8  262 8 286 9  295 9 253 8 

Europe 747 24 809 2

6 

 702 22 854 2

7 

 754 24 802 25 

Asia 359 11 420 1

3 

 328 10 451 14  352 11 427 14 

Africa 44 1 33 1  43 1 34 1  50 2 27 1 

Central America 14 0 4 0  13 0 5 0  13 0 5 0 

South America 52 2 22 1  52 2 22 1  51 2 23 1 

Middle East 56 2 50 2  53 2 53 2  56 2 50 2 

Number of projects per 

person 

              

1 to 3 1509 48 1564 5

0 

1408 45 1665 5

3 

1520 48 1553 49 

4 to 6 19 1 25 1 18 1 26 1 22 1 22 1 

9 to 12 27 1 14 0 27 1 14 0 29 1 12 0 

LinkedIn connections               

0 to 100 149 5 97 3 137 4 109 3 154 5 92 3 

101 to 200 115 4 74 2 109 3 80 3 111 4 78 2 

201 to 300 95 3 90 3 92 3 93 3 101 3 84 3 

301 to 400 69 2 58 2 62 2 65 2 64 2 63 2 

401 to 500 + 1127 36 1284 41 1053 33 1358 4

3 

1141 36 1270 40 

Managerial experience               

No 506 16 479 15 469 15 516 16 511 16 474 15 

Yes 1049 33 1124 3 984 31 1189 3 1060 34 1113 35 



 

 

6 8 

Technology experience               

No 1143 36 1212 3

8 

1062 34 1293 41 1147 36 1208 38 

Yes 412 13 391 12 391 12 412 13 424 13 379 12 



 

 

Table 4 (continued) 

Soft cap achieved Log of capital raised/softCap Log of capital raised 

 
No % Yes % 

 
Below median % Equal/Abov

e median 

% 
 

Below median % Equal/Abov

e median 

% 

Education 
              

< Bachelor 22 1 39 1 22 1 39 1 25 1 36 1 

Bachelor 851 27 811 2

6 

794 25 868 2

7 

863 27 799 25 

Master 590 19 660 21 555 18 695 2

2 

593 19 657 21 

PhD 92 3 93 3 82 3 103 3 90 3 95 3 

Business degree               

No 902 29 870 2

8 

834 26 938 3

0 

904 29 868 27 

Yes 653 21 733 2

3 

619 20 767 2

4 

667 21 719 23 

Technology degree               

No 981 31 1062 3

4 

916 29 1127 3

6 

990 31 1053 33 

Yes 574 18 541 17 537 17 578 18 581 18 534 17 

Team rating             

0 to 2.9 672 21 392 12 654 21 410 13 657 21 407 13 

3 to 3.9 262 8 286 9 203 6 345 11 243 8 305 10 

4 to 5 621 20 925 2

9 

596 19 950 3

0 

671 21 875 28 

Vision rating               

0 to 2.9 592 19 387 12 574 18 405 13 577 18 402 13 

3 to 3.9 40

0 

13 538 17 335 11 603 19 419 13 519 16 

4 to 5 563 18 678 21 544 17 697 2 575 18 666 21 



 

 

2 

Number of team elements               

0 to 10 363 11 193 6 342 11 214 7 347 11 209 7 

11 to 20 750 24 670 21 683 22 737 2

3 

779 25 641 20 



 

 

Table 4 (continued) 

Soft cap achieved Log of capital raised/softCap Log of capital raised 

 
No % Yes % 

 
Below median % Equal/Abov

e median 

% 
 

Below median % Equal/Abov

e median 

% 

21 to 30 281 9 454 14 
 

244 8 491 16 
 

295 9 440 14 

31 to 40 161 5 219 7  184 6 196 6  150 5 230 7 

41 to 50 0 0 67 2  0 0 67 2  0 0 67 2 

Soft cap limit               

No 416 13 456 14 416 13 456 14 462 15 410 13 

Yes 1139 36 1147 3

6 

1037 33 1249 4

0 

1109 35 1177 37 

Hard cap limit               

No 189 6 77 2 187 6 79 3 188 6 78 2 

Yes 1366 43 1526 4

8 

1266 40 1626 51 1383 44 1509 48 

Token price             

< Median 910 29 973 3

1 

803 25 1080 3

4 

945 30 938 30 

> = Median 645 20 630 2

0 

650 21 625 2

0 

626 20 649 21 

Currencies accepted               

1 661 21 751 2

4 

641 20 771 2

4 

724 23 688 22 

2 203 6 252 8 171 5 284 9 194 6 261 8 

3 269 9 238 8 245 8 262 8 262 8 245 8 

4 229 7 184 6 231 7 182 6 228 7 185 6 

5 87 3 62 2 87 3 62 2 99 3 50 2 

6 44 1 73 2 27 1 90 3 15 0 102 3 

7 20 1 24 1 9 0 35 1 20 1 24 1 

8 + 42 1 19 1 42 1 19 1 29 1 32 1 



 

 

Table 4 (continued) 

Soft cap achieved Log of capital raised/softCap Log of capital raised 

 
No % Yes % 

 
Below median % Equal/Abov

e median 

% 
 

Below median % Equal/Abov

e median 

% 

Ethereum platform 
              

No 286 9 128 4  255 8 159 5  255 8 159 5 

Yes 1269 40 1475 4

7 

 1198 38 1546 4

9 

 1316 42 1428 45 

Bonus scheme               

No 774 25 683 2

2 

727 23 730 2

3 

794 25 663 21 

Yes 781 25 920 2

9 

726 23 975 31 777 25 924 29 

ICO rating             

0 to 2.9 453 14 230 7 439 14 244 8 450 14 233 7 

3 to 3.9 706 22 852 2

7 

647 20 911 2

9 

730 23 828 26 

4 to 5 396 13 521 16 367 12 550 17 391 12% 526 17 

ICO year             

2017 105 3 311 1

0 

110 3 306 10 136 4 280 9 

2018 1001 32 1137 3

6 

912 29 1226 3

9 

1004 32 1134 36 

2019 442 14 155 5 424 13 173 5 424 13 173 5 

2020 7 0 0 0 7 0 0 0 7 0 0 0 

Total 1555 49 1603 51 1453 46 1705 5

4 

1571 50 1587 50 

The cross-table is divided by the three dependent variables used in the econometric models. Then, the independent variables are distributed 

according to their categories. Therefore, the table allows a comprehensive view on the distribution of variables into successful and unsuccessful 

projects. The results are similar regardless of the dependent variable used 



 

 

Table 5 Descriptive statistics  

 Descriptive 

statistics 

    

 Observations S.D. Min. Max. Mean 

Number of projects per person 3158 1.21 1 12 1.27 

Number of team elements 3158 9.25 1 47 18.93 

Token price 3158 179.90 0 3000 20.07 

Currencies accepted 3158 2.49 1 30 2.56 

 

projects linked to larger teams is verified. The teams with less people 

tend to be less successful than projects with larger teams. 

In Table 5 we also present the descriptive statistics for each variable 

including their mean, standard deviation, minimum and maximum values. 

For the nominal and ordinal variables, we present the frequencies table 

in Table 6. 

As previously mentioned, the data did not suffer from collinearity 

issues as con- firmed by the VIF test performed. As per the correlation 

and VIFs analysis performed,1 we confirmed that VIF values are low for 

every variable and there is no further need to take corrective measures. 

The values are always below 5 with a mean of 1.67. 

5.3 Econometric model 

 

We have regressed three models with three different dependent variables 

and which are measures of a project’s success, namely, a binary variable 

asserting the projects’ achievement of the soft-cap threshold, a 

logarithmic variable of the percentage of obtained capital above the 

soft-cap threshold and the logarithmic variable of the capital raised 

amount. The methods used were a logistic method for the first model 

and a robust regression for the remaining two models as described in 

the Methodology section. For the models regressed with a robust 

regression, we have previously used the standard OLS method in order 

to compare the results.2 We confirm that the results along the models 

are almost identical. 
Adopting three levels of significance of 0.01(***), 0.05(**) and 0.1(*) 
there are seven team variables considered statistically significant. As well 
as the results in the correspondence analysis we confirm that the 
projects located in Europe and Asia–Pacific tend to be more successful 
than projects in other locations. The network effect is also confirmed in 
our analysis once there is a positive coefficient for the variable LinkedIn 
connections, accepted in all models with the highest significance level, 
meaning that larger LinkedIn networks have a positive effect 
 

 

Table 6 Frequencies table Frequencies table 



 

 

 Frequency Percentage Cumulativ

e 

percentag

e 

Location 

North America 

 

548 

 

17 

 

17 

Europe 1556 49 67 

Asia 779 25 91 

Africa 77 2 94 

Central America 18 1 94 

South America 74 2 97 

Middle East 106 3 100 

Total 3158 100 – 

LinkedIn Connections 

< = 200 

 

435 

 

14 

 

14 

201 to 400 312 10 24 

> = 401 2411 76 100 

Total 3158 100 – 

Managerial experience 

No 

 

985 

 

31 

 

31 

Yes 2173 69 100 

Total 3158 100 – 

Technological experience 

No 

 

2355 

 

75 

 

75 

Yes 803 25 100 

Total 3158 100 – 

School degree 

< Bachelor 

 

61 

 

2 

 

2 

Bachelor 1662 53 55 

Master 1250 40 94 

PhD 185 6 100 

Total 3158 100 – 

Business degree 

No 

 

1772 

 

56 

 

56 

Yes 1386 44 100 

Total 3158 100 – 

Technological degree 

No 

 

2043 

 

65 

 

65 

Yes 1115 35 100 

Total 3158 100 – 

Team rating 

0–2.9 

 

1064 

 

34 

 

34 

3–3.9 548 17 51 

4–5 1546 49 100 

Total 3158 100 – 



 

 

 
 

Table 6 (continued) Frequencies table 

 Frequency Percentage Cumulativ

e 

percentag

e 

Vision rating 

0–2.9 

 

979 

 

31 

 

31 

3–3.9 938 30 61 

4–5 1241 39 100 

Total 3158 100 – 

Soft-cap limit 

No 

 

872 

 

28 

 

28 

Yes 2286 72 100 

Total 3158 100 – 

Hard-cap limit 

No 

 

266 

 

8 

 

8 

Yes 2892 92 100 

Total 3158 100 – 

Ethereum platform 

No 

 

414 

 

13 

 

13 

Yes 2744 87 100 

Total 3158 100 – 

Bonus scheme 

No 

 

1457 

 

46 

 

46 

Yes 1701 54 100 

Total 3158 100 – 

ICO rating 

0–2.9 

 

683 

 

22 

 

22 

3–3.9 1558 49 71 

4–5 917 29 100 

Total 3158 100 – 

ICO year 

2017 

 

416 

 

13 

 

13 

2018 2138 68 81 

2019 597 19 100 

2020 7 0 100 

Total 3158 100 – 

The frequencies table displays the variables’ codification and 

the fre- quency for each one. The percentage that a 

specific codification rep- resents is also shown as well as 

the cumulative percentage 

 

on the project’s success. The variable team rating is also accepted in all 

models with the highest significance level and shows a positive 

coefficient which leads us to the conclusion that the rating attributed 



 

 

to the team has also a positive effect on project’s success as a 

measure of teams’ quality, experience and cohesion. The same scenario 

happens with the variable measuring the teams’ size by the number of 

elements composing a team. As in the correspondence analysis, larger 

teams are connected with more successful projects. Given the conflicting 

findings in the literature on the impact of team size in the success 

of a project, we have decided to perform a further analysis by 

conducting a new regression of the three models which included the 

squared variable of team size. This analysis would allow us to find a U-

shaped curve relationship (Jin et al. 2017). Although we have 

obtained a negative coefficient for the squared variable of team size, 

this revealed not sig- nificant which compromises the validity of this 

hypothesis. Therefore, a U-shaped relationship concerning the team size 

was not found. We have also included the advisors within the project’s 

team due to their importance for the project and because they 

represent a small percentage of our sample. Regressing the three models 

separating the advisors from the project’s team, we have found 

that the new variable measuring only the number of project’s team 

elements maintains the previous results as the one including advisors, 

in terms of coefficient and statisti- cal significance across all the models. 

Having in mind the Table 7, the new vari- able which accounts for the 

number of advisors in a project, only is considered statistically significant 

in model 4. This is due to the small percentage of advi- sors in 

the sample used, specifically, there are 565 advisors in the total 

sample of 3158. Furthermore, we have regressed the econometric 

models only using the variable which accounts for the projects’ team 

members without advisors. The results kept robust and consistent with 

the ones previously obtained. The variable related with the project’s 

vision rating, which we attribute to the team once the vision should 

come from it, is considered to be statistically significant although with 

a pronounced negative impact on projects’ success. There are two 

different arguments on this: (i) the better the project’s vision, the 

most successful it should be (Kaplan et al. 2009); (ii) highly disruptive 

visions are difficult to perceive and implement and thus tend to have 

a negative impact in project’s success (Gomp- ers and Lerner 2001). 

In the ICO market the second argument is even more pro- nounced due 

to the technological and disruptive projects involved which jeopard- izes 

project’s success despite the disruptive vision (Momtaz 2020a). 

Nonetheless, we could not confirm the effects of all the team variables 

proposed. The variable measuring the number of projects per person is 

not significant due to the fact that the great majority of the profiles 

participated only in one project. Although we have found a tendency 

in the correspondence analysis concerning the variables related with 

profiles’ professional experience, education level and type of aca- demic 



 

 

degree, they all showed not significant in our econometric analysis. 

Profes- sional experience does not necessarily means expertise (Frese 

and Rauch 2001) and our data confirms this as more experienced 

professionals have equal chances of success (Sonnentag 1995). 

Concerning the level of education, we find this var- iable not significant 

as the large majority of the profiles have education at uni- versity 

level, namely, bachelor’s degree (1662) and master’s degree (1250). 

Only 61 profiles have less than a bachelor’s degree. Therefore, we 

find that the sample is very homogenous regarding this variable and 

thus we could not differentiate between successful and unsuccessful 

profiles on this point. Consequently, we also assumed that a specific 

level of expertise is needed to participate in ICO projects due to the 

complex concepts behind it. Nevertheless, this expertise is not captured 



 

 

Table 7 Logit and robust 

regressions 

Model 1 

Logit 

regression 

Soft-cap 

achieved 

 

Model 2 

Logit 

regression 

Soft-cap 

achieved 

 

Model 3 

Robust regression 

Log capital raised 

over soft-cap 

 

Model 4 

Robust regression 

Log capital raised 

over soft-cap 

 

Model 5 

Robust 

regression Log 

capital raised 

 

Model 6 

Robust 

regression Log 

capital raised 

R2 

Adjusted 

R2 

Observation

s 

0.0

6 – 

315

8 

0.16

1 – 

315

8 

0.10 

0.10 

315

8 

0.19 

0.19 

315

8 

0.0

9 

0.0

9 

315

8 

 

 

0.21 

0.20 

3158 

 

Team variables 

      

Coefficient Strd. Error Coefficient Strd. Error Coefficient Strd. Error Coefficient Strd. Error Coefficient Strd. Error 

Coefficient Strd. Error 

 

Number of −  

0.04 projects per 
person 

0.03 – 

0.03 

0.03 0.00 0.00 0.00 0.00 – 

0.08 

0.05 – 0.07 0.05 

Location: North 0.34 

America 
0.16** 0.16 0.17 0.05 0.02*** 0.05 0.02** 0.78 0.27*** 0.39 0.25 

Location: 0.42 

Europe 
0.14*** 0.34 0.15** 0.05 0.02*** 0.03 0.02* 0.83 0.24*** 0.56 0.22** 

Location: Asia 0.49 0.15*** 0.51 0.16*** 0.08 0.02*** 0.06 0.02*** 1.15 0.26*** 1.00 0.23*** 

LinkedIn con- 0.03 

nections 
0.01*** 0.03 0.01*** 0.00 0.00*** 0.00 0.00*** 0.05 0.01*** 0.04 0.01*** 

Managerial 0.07 

experience 
0.09 0.00 0.09 0.01 0.01 0.00 0.01 0.13 0.15 0.00 0.14 

Technology 0.05 

experience 
0.10 – 

0.03 

0.11 0.01 0.01 0.00 0.01 – 

0.01 

0.17 – 0.14 0.15 

School degree 0.05 

rate 
0.06 0.06 0.06 0.01 0.01 0.01 0.01 0.15 0.10 0.14 0.09 



 

 

Table 7 (continued) 

 Model 1  Model 2  Model 3  Model 4  Model 5  Model 6 

Logit regression  Logit regression  Robust regression  Robust regression  Robust regression  Robust regression 

Soft-cap achieved  Soft-cap achieved  Log capital raised 

over soft-cap 

 Log capital raised 

over soft-cap 

 Log capital raised  Log capital raised 

R2 0.06  0.161  0.10  0.19  0.09  0.21 

Adjusted R2 –  –  0.10  0.19  0.09  0.20 

Observations 3158  3158  3158  3158  3158  3158 

 
Coefficient Strd. 

Error 

 
Coefficient Strd. 

Error 

 
Coefficient Strd. 

Error 

 
Coefficient Strd. 

Error 

 
Coefficient Strd. 

Error 

 
Coefficient Strd. 

Error 

Vision rating – 

0.30 

0.08*** – 

0.43 

0.09*** – 

0.07 

0.01*** – 

0.09 

0.01*** – 

0.45 

0.13*** – 

0.74 

0.13*** 

Number of 0.03 0.00*** 0.04 0.00*** 0.01 0.00*** 0.00 0.00*** 0.06 0.01*** 0.05 0.01*** 

team 
elements 

                 

Control variables       

Soft-cap limit – 0.28 0.11*** 0.08 0.01*** 0.24 0.15 

Hard-cap limit 1.05 0.17*** 0.05 0.02*** 1.09 0.23*** 

Token price 0.00 0.00** 0.00 0.00 0.00 0.00*** 

Currencie

s 

accepted 

– 0.10 0.02*** – 0.01 0.00*** 0.02 0.03 

Ethereu

m 

platform 

0.78 0.13*** 0.05 0.01*** 0.76 0.18*** 

Bonus scheme 0.36 0.09*** 0.02 0.01* 0.30 0.13** 

ICO rating 0.50 0.08*** 0.04 0.01*** 0.93 0.11*** 

ICO year – 1.13 0.08*** – 0.11 0.01*** – 1.98 0.11*** 

The regression table summarizes the results of the three regressions performed and is divided by the dependent variable. First, is depicted the 

model with the human capi- tal variables and then the control variables are introduced. The first two models are logistic and the remaining 

ones are robust regressions. Although the R-squared is not the most appropriate measure for these types of models, we have introduced it 

due to its universality and easy interpretation 



 

 

Significance levels: p < 0.01 (***); p < 0.05 (**); p < 0.1 (*) 
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by the type of academic degree (i.e. technology of business degree) but 

rather by other variables such as the ratings attributed to the project 

and to the team. The remaining control variables, focused on the project 

itself and not on the profiles’ characteristics, also showed significance 

across all models except for the variable token price which is not 

accepted in the second model and the variables soft-cap limit and 

currencies accepted which are not accepted in the last model. 

 

 

6 Conclusions and discussion 

6.1 Results discussion 

 

The ICO projects have been gaining importance due to their novelty 

(OECD 2019) but also due to the capital amounts involved in the 

projects (Coinschedule 2020) and also due to the regulation challenges 

they pose (Dostov et al. 2019). The hype veri- fied around the ICOs 

topic had a peak in the years of 2017 and 2018 (Google 2020) mainly 

due to the valorization of the cryptocurrencies (Fisch 2019). 

Nevertheless, the ICO projects are extremely innovative and digital 

(Kranz et al. 2019) and will disrupt the investment world with their 

characteristics which can be also adopted by more traditional financing 

models. The ICOs have been compared to other types of financing such 

as crowdfunding, venture capital or IPOs but they have unique 

characteristics which distinguish them largely from other forms of 

financing projects (OECD 2019). Nonetheless, due to some similarities, 

the literature has also applied theory and methods related with 

crowdfunding to ICO projects (Fisch 2019). The importance of the 

human capital in the ICO projects is not minor and is taken as hav- ing 

a great importance in the success of a project (An et al. 2019). We 

were able to capture several teams’ characteristics with the variables 

collected from our database, namely, education, professional experience, 

number of team elements, networks and social media. In line with 

research that states the importance of large teams (Giudici and Adhami 

2019), we also confirm that larger teams have better chances of success. 

Although we have tried to find the existence of a U-shaped relationship 

(Jin et al. 2017), this proved not statically significant. On the 

opposite, the disruptive vision of the projects, particularly exacerbated 

in ICO projects, has a negative impact on their success once it may 

become difficult to perceive and implement (Momtaz 2020a). 

Determinants such as team members’ education or professional 

experience are con- sidered not relevant determining the success of a 
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project (Giudici and Adhami 2019) which was also confirmed by our 

analysis going on the opposite direction of studies performed on 

crowdfunding (Allison et al. 2017) or entrepreneurship (Burton et al. 

2002). In addition, our analysis has included variables controlling for 

the profiles’ location, which have revealed to be significant, as well as 

variables controlling for ratings attributed to the team with the same 

result. We also conclude that the number of projects in which a person 

has participated is not relevant in our study. In terms of success’ 

measure, our study confirms that the results are very similar regardless 

of the independent variables selected and they can be confidently used 

in order to estimate a project’s successful outcome. 
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6.2 Theoretical contributions 

 

We have performed a literature review with the main topics currently 

discussed on the ICO projects complemented by a market snapshot which 

captures the main mar- ket characteristics in complement to the 

academic research. We have added our con- tribution to the research 

done on ICO projects since we studied the impact of some teams’ 

characteristics to the success of a project. For future research these 

variables should be considered and included in models trying to measure 

a project’s success. Furthermore, theories applied to these projects 

should also account for the impor- tance of the human capital in a 

project success. Concerning the human capital the- ory, we have 

confirmed that human capital characteristics are important contributors 

for ICO project’s success. Nevertheless, our data confirms that 

characteristics such as professional experience might not be the best 

signalers of human capital quality and might not be good predictors of 

successful projects since they do not necessarily mean expertise 

(Sonnentag 1995). As university degrees are common in our data- base, 

they tend to be not relevant and other variables such as networks gain 

impor- tance in these kinds of projects. The location variables seem to 

become also impor- tant for the project success since they may 

represent the proximity to open markets with larger availability of 

capital. Furthermore, human capital theory should con- sider the role 

of larger and diversified teams’ contribution to the successful outcome 

of ICO projects. The study developed by An et al. (2019) also addresses 

the charac- teristics of the ICOs impacting their success, including human 

capital characteris- tics. Nevertheless, we believe there are substantial 

differences between our research and the one mentioned which make 

both studies unique. We have used An et al. (2019) in our literature 

review and the differences we have identified between our study and 

theirs are the following: (i) our study is dedicated to a specific industry, 

namely banking/financing area, since there are proof that different 

industries have different outcomes and thus, they must be separated 

in order to obtain clearer results (Davies and Giovannetti 2018; 

Hartmann et al. 2019); (ii) their database is mainly composed by 

projects outside Europe. Our database has several projects located in 

Europe but also a representation of other world’s regions, for instance, 

Africa, South America and Middle East, which is very small or non-

existent in An et al. (2019); (iii) we include other variables in the 

models such as location, third party ratings or experience and several 

control variables not included in An et al. (2019), such as, currencies 

accepted, ICO year or the existence of fundraising goals; (iv) we have 

included 3 different dependent variables in order to test which one 
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would better represent a project’s success and to control for different 

results using different dependents. 

 

6.3 Managerial implications 

 

Investing in ICO projects is a highly risky investment which can provide 

enor- mous return but also requires enormous attention and due 

diligence from inves- tors in order to maximize and secure their 

gains. We have stated the main characteristics of ICOs and the 

current state of the art in terms of academic research complemented 

by the market volumes and investment areas of ICO pro- jects in the 

market snapshot. When investors perform due diligence on a project, 

they should also look for teams’ characteristics once they are related 

with the successful outcome of the project (Giudici and Adhami 2019). 

Particularly, the human capital characteristics should be considered as 

important to determine the success of a project (Unger et al. 2011). 

Based on our data, the investors and man- agers should consider that 

professional experience does not always mean exper- tise since the best 

professionals might not always be the most experienced (Son- nentag 

1995). Furthermore, we conclude that there is a certain level of 

expertise needed to participate in ICO projects as the great majority 

of the team members have a university degree. Nevertheless, this 

level of expertise is not ascertained by the level of education since 

most people should have a high degree. The exper- tise is also not 

determined by the type of degree (i.e. technologic or business) but 

rather by other variables such as ratings attributed by external 

parties. Besides, we conclude that the ratings attributed to the team 

are also important in order to ascertain the projects’ future 

performance. 

 

6.4 Research limitations 

 

The database is composed of profiles who developed projects in the 

banking/finan- cial services sector. Thus, a limitation of this research is 

that the conclusions taken were based on projects in only one sector 

while they would eventually be more robust if the database included 

more areas although our conclusions are in line with the already existent 

literature. Furthermore, the data was collected from different data 

sources, combined and treated manually which involves a degree of 

human error. We have cross-checked the information several times and 

have performed consistency controls, but we cannot exclude some bias 
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in our research. Besides, the data collected from ICOBench and LinkedIn 

is generally uploaded to these web- sites manually based on information 

provided by projects’ promoters which may, at some extent, 

compromise the integrity of the information (Momtaz 2019) although 

there is no obvious reason to doubt it. A further limitation concerns 

the data regard- ing ratings used in the econometric models. As 

previously mentioned, the ratings were collected from ICOBench website 

and can range from 0 to 5. These ratings are attributed based on the 

algorithm developed by the website and the contributions of experts 

previously certified. As traditional ratings, these ones are dynamic which 

means that they can vary constantly along the project’s lifecycle too. 

Although the ratings try to be as unbiased as possible, their dynamism 

means that a project’s evaluation can change after the ICO campaign. 

For instance, even though a rating has a historical component, it can 

be improved if evaluated by an expert after the project obtains a large 

amount of funds in the fundraising campaign. Therefore, the ratings 

obtained and used in this study seem to be a strong indicator of the 

quality of the project and very important tools for investors in the 

secondary market, but their impacts can be sometimes inflated due to 

the constraints already mentioned. 

 

6.5 Avenues for future research 

 

We have performed an analysis focused on the impact of teams’ 

characteristics on the projects’ success which contributes to fill in a gap 

in the current literature. Although there are already some studies on 

ICOs’ success, further investigation and new databases should be applied 

to this intent. We have concluded that human capi- tal is important 

to the project’s success but we still think that a comparative analysis 

on the importance of human capital along several ways of financing would 

be impor- tant, namely, ICO, crowdfunding and venture capital (Fisch 

2019). We would like to stress also the importance of cryptocurrencies 

to the ICO projects and their valoriza- tion might influence the projects’ 

capital raised. Therefore, a deeper analysis on this topic would be 

interesting. Testing how token-types affect ICO success also merits 

future research. The regulation on ICOs is still not extensive and a 

future research on the regulation already done and future paths would 

be interesting (Boreiko and Ris- teski 2019; Zhang et al. 2020). 

Another research topic could be understanding the impacts of regulation 

on projects’ success: does a more regulated project performs better 

than an unregulated one? The whitepaper’s importance should also be 

deeply addressed in the future in order to understand their similarities 

with regulated pro- spectus and new ways to regulate this important 
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document. Concerning the size of the teams, it would be important to 

determine the causes of larger teams in an ICO project, in other words, 

why do ICO teams tend to be composed by a large number of elements? 

Are there any correlations between the experience and education of the 

team members and do these factors interact with the team size? Does 

the demo- graphic diversity of ICO projects’ team impacts their success? 
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