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A B S T R A C T

Background: Burnout is a pervasive issue among medical students, exhibiting a high prevalence that jeopardizes 
their academic success and may also predispose them to more severe affective disorders such as depression. This 
study aims to explore the complex relationships between psychological capital (PsyCap), general social support, 
educational satisfaction, and burnout, and how these factors collectively influence dropout intentions.
Methods: A non-probabilistic convenience sample was collected through an online survey from first- and second- 
year medical students at a Faculty of Medicine in Portugal. The survey employed psychometric instruments to 
measure burnout (BAT-12), social support (F-SozU K-6), PsyCap (CPC-12R), satisfaction with education, and 
dropout intentions (Screening Instrument for Students At-Risk of Dropping Out). Structural equation modeling 
was applied to analyze the data from 351 participants.
Results: The model demonstrated a significant positive association between burnout and dropout intentions (β̂ =
0.37; p < 0.001), underscoring burnout as a direct correlate of dropout intentions alongside educational satis
faction (β̂ = − 0.25; p = 0.003) and PsyCap (β̂ = − 0.22; p = 0.005). Higher social support is associated with 
reduced burnout (β̂ = − 0.28; p < 0.001) and increased educational satisfaction (β̂ = 0.22; p = 0.002).
Limitations: The non-probabilistic sampling method prevents the generalization of the findings. The cross- 
sectional data do not permit the inference of temporal relationships between the studied variables.
Conclusions: These findings emphasize the importance that burnout may have on dropout intentions, and 
contribute to the understanding of affective syndromes such as burnout in educational settings.

1. Introduction

Conceptually, burnout is considered as a syndrome belonging to the 
affective spectrum and/or very close to affective disorders, either 
because it has symptoms that often overlap with those of depression and 
anxiety (Stoyanov et al., 2013; Tavella et al., 2023), or because it can 
predispose individuals to depression disorders (Hakanen and Schaufeli, 
2012). Aligning with a modern conceptualization of burnout, Schaufeli 
and De Witte (2023) delineate four core dimensions: (1) exhaustion, 
where significant energy depletion manifests as both physical and 

mental fatigue; (2) mental distance, characterized by a profound resis
tance or aversion towards academic tasks, leading to apathy and cyni
cism; (3) cognitive impairment, which includes difficulties in memory, 
attention, and concentration, resulting in suboptimal cognitive perfor
mance; and (4) emotional impairment, marked by intense emotional 
reactions such as anger or sadness, overwhelming the individual's 
emotional capacity.

These dimensions contribute to apathy and a diminished sense of 
purpose but are also indicative of potential underlying affective distur
bances. The intensive demands of medical education and the emotional 
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burden of patient care may predispose students to high levels of burnout, 
which, recent studies suggest, may be a significant precursor to dropout 
intentions (Dyrbye et al., 2014). Furthermore, within the network of 
burnout, depression, and anxiety, mental distance symptoms appear to 
be particularly prevalent among medical students (Peng et al., 2023). 
The combination of high workload, rigorous examinations, the stress of 
mastering novel clinical procedures, insufficient social support, sleep 
deprivation, and feelings of guilt forms a toxic milieu that fosters 
burnout and potentially triggers or exacerbates psychiatric disorders 
(Greenmyer et al., 2022; Thun-Hohenstein et al., 2021).

This intersection underscores the importance of considering burnout 
in medical students not merely as a stress-related educational issue but 
as an integral component of the broader spectrum of affective disorders, 
necessitating a multifaceted approach to diagnosis, prevention, and 
treatment.

Beyond burnout, satisfaction with educational experiences plays a 
pivotal role in influencing medical students' intentions to drop out. It is a 
well-supported notion that students who find fulfillment in their 
educational journeys are less likely to disengage from their programs. 
This relationship between educational satisfaction and dropout inten
tion has been substantiated across various academic disciplines (Duque, 
2014; Li and Carroll, 2017; Tinto, 1975), however, the unique pressures 
and challenges inherent to medical education demand a more tailored 
exploration of this relationship.

Discontentment with the educational environment can exacerbate 
feelings of exhaustion, mental distance, and emotional impairment, 
potentially escalating into more severe affective disturbances. Thus, the 
relationship between educational satisfaction and affective outcomes 
warrants specific attention in research, with an aim to develop targeted 
interventions that enhance both educational experiences and psycho
logical well-being among medical students.

Psychological capital (PsyCap), encompassing hope, resilience, 
optimism, and self-efficacy, is a positive psychological construct that has 
demonstrated significant potential in aiding individuals to thrive in 
challenging environments (Luthans et al., 2007b). The relevance of 
PsyCap extends beyond general workplace settings, where it has been 
linked to enhanced performance, job satisfaction, and overall well-being 
(Avey et al., 2011), to the highly demanding context of medical edu
cation. Casanova et al. (2024) emphasized the role of self-efficacy — a 
component of PsyCap — in predicting academic success among het
erogeneous student populations in higher education, emphasizing its 
influence on students' academic engagement and subsequent achieve
ment. This aligns with findings that PsyCap could serve as a protective 
factor not only in mitigating burnout but also in increasing satisfaction 
with education and reducing dropout intentions among medical stu
dents (Sánchez-Cardona et al., 2021; Sweet and Swayze, 2023). The 
capacity to maintain hope, resilience, optimism, and self-efficacy may 
buffer the cognitive and emotional impairments that are symptomatic of 
burnout, potentially disrupting the onset or progression of affective 
disorders (Barratt and Duran, 2021). Investigating PsyCap within the 
framework of medical education could therefore yield pertinent insights 
into how these positive psychological resources can be cultivated to 
support students' mental health and academic persistence, aligning with 
a preventive approach to mental health disorders in this high-risk 
population.

Social support is another factor that stands as a pillar in promoting 
academic success and well-being, particularly within the high-pressure 
environment of medical education. Recognized for its stress-buffering 
effects, social support manifests in various forms, such as emotional, 
instrumental, informational, and appraisal support (Wills et al., 2016). 
Extensive research underscores its role in mitigating stress impacts, 
enhancing psychological well-being, and fostering academic achieve
ment (Abreu Alves et al., 2022; Barratt and Duran, 2021; Li et al., 2018). 
In the context of medical students, where the prevalence of burnout and 
affective disturbances is notably high (Frajerman et al., 2019; Slavin and 
Chibnall, 2016), social support could be instrumental not only in 

reducing burnout and enhancing educational satisfaction but also in 
reducing dropout intentions (Abreu Alves et al., 2022). The protective 
effects of social support might extend to mitigating the prodromal 
symptoms of affective disorders, thereby playing a relevant role in the 
continuum from stress to potential psychiatric conditions. Exploring the 
specific mechanisms through which social support influences these 
outcomes can provide valuable insights for developing targeted in
terventions aimed at bolstering resilience against affective disturbances 
among medical students.

These elements — PsyCap, social support, burnout, and satisfaction 
with education — represent not merely isolated factors, but inter
connected dimensions that can reflect and affect the broader spectrum of 
affective disorders present within the medical student population (Ernst 
et al., 2021). Understanding how these factors interact is important for 
developing targeted strategies aimed at reducing dropout rates and 
promoting mental health resilience, ultimately benefiting the broader 
fields of healthcare and education by ensuring the continuity and sta
bility of medical training.

1.1. Purpose of the present study

Considering the complex relationships between affective disorders 
and educational outcomes in medical education, this study aims to 
investigate the role of social support and PsyCap as underlying corre
lates of burnout, satisfaction with education, and dropout intentions 
among medical students. This research allows for the exploration of the 
direction and respective magnitude of associations among these vari
ables by employing a structural model (Fig. 1). This model will partic
ularly emphasize the roles of PsyCap and social support as mitigating 
factors in the context of burnout and its repercussions on educational 
satisfaction and dropout intentions.

While previous studies have explored the incidence of burnout and 
its correlates (Abreu Alves et al., 2022; Almutairi et al., 2022; Cabaços 
et al., 2023), this study introduces novelty by measuring burnout from a 
fresh, thorough, and comprehensive perspective (Schaufeli and De 
Witte, 2023), conceptualizing it with two new core dimensions — 
cognitive impairment and emotional impairment — in addition to the 
established dimensions of exhaustion and mental distance. This research 
positions PsyCap — which includes hope, resilience, optimism, and self- 
efficacy — as a potential protective factor against burnout and dropout 
intentions in medical education. Additionally, by integrating other 
established factors in medical education literature — namely satisfac
tion with education and social support — this study explores how these 
variables interact within the educational setting and seeks to clarify 
potential pathways for reducing burnout and the risk of attrition. 
Moreover, these insights are expected to inform the development of 
interventions that not only prevent dropout but also enhance a sup
portive educational environment conducive to managing and mitigating 
the onset and impact of affective disorders among medical students.

The first hypothesis (H1) of this study proposes that PsyCap — 
encompassing hope, efficacy, resilience, and optimism — significantly 
associates with burnout, satisfaction with education, and dropout in
tentions among medical students. Given PsyCap's established role in 
improving academic performance and well-being (Barratt and Duran, 
2021; Sánchez-Cardona et al., 2021), it is anticipated that medical stu
dents with higher levels of PsyCap will exhibit resilience against the 
cognitive and emotional challenges of their rigorous training. This 
resilience may not only mitigate symptoms associated with burnout but 
also potentially buffer against the development and escalation of af
fective disorders, thus fostering greater educational satisfaction and 
persistence in their programs.

The second hypothesis (H2) suggests that social support serves as a 
correlate of burnout, satisfaction with education, and dropout intentions 
among medical students. Recognized for its potent stress-buffering ef
fects and its role in enhancing academic success (Abreu Alves et al., 
2022; Li et al., 2018), social support is expected to be a key factor in 
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mitigating the challenges faced by medical students. It is hypothesized 
that students who perceive higher levels of social support are less likely 
to exhibit symptoms of burnout. Additionally, robust social support 
networks are anticipated to contribute positively to students' satisfaction 
with their educational experience and reduce their intentions to drop 
out, thereby promoting a healthier, more supportive learning environ
ment conducive to both academic and emotional well-being.

The third hypothesis (H3) posits that burnout significantly associates 
with dropout intentions among medical students. Supported by research 
indicating that burnout presents a relevant association with students' 
intentions to leave their programs (Dyrbye et al., 2010; Peng et al., 
2023).

The fourth hypothesis (H4) proposes that satisfaction with education 
is significantly associated with dropout intentions among medical stu
dents. Consistent with findings that students who are more content with 
their educational experiences are generally less likely to consider leav
ing their programs (Duque, 2014; Li and Carroll, 2017), this hypothesis 
emphasizes the role of educational satisfaction in the broader context of 
student well-being and persistence.

2. Method

2.1. Sampling

A non-probability sampling method — convenience sample — was 
implemented by inviting first- and second-year undergraduate medical 
students from a public university in Portugal to participate in the study. 
There were no exclusion criteria. The minimum sample size for the 

proposed structural model (df = 647) was determined based on the 
assumption that the population RMSEA should not exceed ε0 = 0.06 (H0: 
ε ≥ 0.06). This assumption relies on the premise that rejecting this hy
pothesis indicates a model fit better than 0.06, a threshold representing 
a fair fit (Browne and Cudeck, 1993). The true population RMSEA was 
set at ε = 0.050. With α = 0.05 and β = 0.20 (i.e., π = 0.80), the mini
mum sample size needed for the structural model was determined to be 
n = 185 (Kelley and Lai, 2018).

2.1.1. Sample characterization
Table 1 provides a demographic and academic snapshot of 351 

medical students, consisting of 263 females and 88 males. With an 
average age of 20.2 years (SD = 3.99) spanning 17–49 years, the ma
jority (59.5 %) of students are native to their city of study. Lisbon is the 
predominant administrative region of origin (49.9 %), followed by 
Setúbal (11.4 %). The average number of higher education enrollments 
is 1.86 (SD = 1.69), with a minor proportion (12.0 %) having under
taken undergraduate study in other disciplines. Financial aid is received 
by 14.2 % of the students, while the majority (85.8 %) are self-financed.

2.2. Procedure

All first- and second-year medical students enrolled in the integrated 
master's program at the Faculty of Medicine of a major public university 
in Lisbon were invited via email to participate in the study. Data 
collection commenced six weeks after the start of the 2023–2024 aca
demic year and lasted for two weeks. An online survey comprising 
psychometric instruments, sociodemographic, and academic questions 
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Fig. 1. Hypothesized model.
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was applied through the LimeSurvey software (LimeSurvey GmbH, 
2024). Students were initially presented with an electronic informed 
consent form, which they had to accept to proceed to the questionnaire, 
and were informed they had the option to withdraw from the study at 
any stage. To enhance adherence, participants were informed that they 
would receive an automatically generated report summarizing their 
responses in terms of means and percentiles regarding the global sample. 
The study received approval from the Ethics Committee of CHLN-HSM 
and the Faculty of Medicine at the University of Lisbon (FMUL) 
(Ref. No. 210/20).

2.3. Measures

2.3.1. Burnout Assessment Tool (BAT-12)
The Burnout Assessment Tool 12-item version (BAT-12) comprises 

four first-order dimensions —exhaustion, mental distance, emotional 
impairment, and cognitive impairment — with three items each. It as
sumes a hierarchical structure, with the second-order latent factor 
burnout. It has an ordinal answering scale ranging from 1 — “Never” to 
5 — “Always.” The BAT was originally developed by Schaufeli et al. 
(2020) and has been adapted in several countries to measure job 
burnout (de Beer et al., 2020). More recently, it was also adapted to 
measure academic burnout (Popescu et al., 2023). The items used in the 
current study were adapted from the Portuguese workers' version, which 
demonstrated good validity evidence, confirmed its original dimen
sionality, and provided good estimates of internal consistency and 
measurement invariance across male and female participants (Sinval 
et al., 2022). Examples of items include: “At school, I feel mentally 
exhausted” (exhaustion), “I struggle to find any enthusiasm for school” 
(mental distance), “At school, I have trouble staying focused” (cognitive 
impairment), and “At school, I feel unable to control my emotions” 
(emotional impairment).

2.3.2. Revised Compound PsyCap Scale (CPC-12R)
PsyCap was measured using the Revised Compound PsyCap Scale 

(Dudasova et al., 2021), which is composed of 12 items. There are three 
items for each of the first-order dimensions (hope, efficacy, resilience, 
and optimism), which are nested under a second-order latent factor, 
PsyCap. Items are rated on a six-point ordinal scale ranging from 1 — 
“Strongly disagree” to 6 — “Strongly agree.” The CPC-12R presented 
good validity evidence based on its internal structure, supporting the 
originally proposed dimensionality, internal consistency, and measure
ment invariance across genders and countries (Ikeda et al., 2023; Lorenz 
et al., 2022). Examples of items include: “If I should find myself in a jam, 
I could think of many ways to get out of it” (hope), “I am confident that I 
could deal efficiently with unexpected events” (efficacy), “I consider 
myself to be able to stand a lot, I am not easily discouraged by failure” 
(resilience), and “I am looking forward to the life ahead of me” 
(optimism).

2.3.3. Brief Form of the Perceived Social Support Questionnaire (F-SozU K- 
6)

Perceived Social Support was assessed using the F-SozU K-6 (Kliem 
et al., 2015), a concise 6-item version of the F-SozU K-14. This shortened 
version maintains good psychometric properties compared to its longer 
versions. It measures general social support and uses a five-point ordinal 
scale ranging from 1 — “Does not apply” to 5 — “Exactly applicable.” In 
previous research, the F-SozU K-6 presented good validity evidence 
based on the internal structure — dimensionality, reliability, and mea
surement invariance across countries — and based on the relations to 
other variables — convergent and test-criterion evidence (Lin et al., 
2019). One example of an item is “I receive a lot of understanding and 
security from others” (social support).

2.3.4. Screening instrument for students at-risk of dropping out

2.3.4.1. Satisfaction with education. Satisfaction with education was 
measured using a four-item measure from the Screening Instrument for 
Students At-Risk of Dropping Out (Casanova et al., 2021a). Responses 
were recorded on an ordinal scale ranging from 1 — “Strongly disagree” 
to 5 — “Strongly agree.” In the original study, this measure displayed 
satisfactory internal consistency (ω = 0.80). One example of an item is “I 
am satisfied attending this university” (satisfaction with education).

2.3.4.2. Dropout intention. Dropout intentions were assessed via a four- 
item measure from Casanova et al.'s (2021a) Screening Instrument for 
Students At-Risk of Dropping Out, with responses on an ordinal scale 
ranging from 1 — “Strongly disagree” to 5 — “Strongly agree.” The 
measure demonstrated acceptable internal consistency (ω = 0.75) in the 
original study. One example of an item is “I am thinking in the possibility 
of dropping out of higher education” (dropout intention).

2.3.5. Academic and demographic variables
Data were also collected on students' sex, age, whether they relo

cated from their hometown for education, and their original adminis
trative region of origin. The original administrative region refers to the 
specific first-level administrative division, district, or autonomous re
gion from which individual respondents originate. Additionally, infor
mation was collected on the number of enrollments in higher education, 
prior undergraduate studies in other disciplines, and their grant holder 
status.

2.4. Data analysis

Statistical analyses were conducted using the R program (R Core 
Team, 2024) via the integrated development environment, RStudio 
(Posit Team, 2024). Confirmatory factor analysis (CFA) was conducted 
to investigate the proposed dimensionality of the measurement model. 

Table 1 
Demographic and academic characteristics of the participants.

Female Male Overall

(n = 263) (n = 88) (N = 351)

Age (years)
M (SD) 20.2 (4.17) 20.3 (3.41) 20.2 (3.99)
Mdn [Min, Max] 19.0 [17.0, 49.0] 19.0 [17.0, 34.0] 19.0 [17.0, 49.0]

Moved from the city of origin
Yes 108 (41.1 %) 34 (38.6 %) 142 (40.5 %)
No 155 (58.9 %) 54 (61.4 %) 209 (59.5 %)

Administrative Region of Origin
Lisbon 128 (48.7 %) 47 (53.4 %) 175 (49.9 %)
Santarém 10 (3.8 %) 8 (9.1 %) 18 (5.1 %)
Setúbal 35 (13.3 %) 5 (5.7 %) 40 (11.4 %)
Othersa 77 (29.3 %) 22 (25.0 %) 99 (28.2 %)
Outside Portugal 13 (4.9 %) 6 (6.8 %) 19 (5.4 %)

Number of enrollments in Higher Education
M (SD) 1.80 (1.54) 2.02 (2.07) 1.86 (1.69)
Mdn [Min, Max] 1.00 [1.00, 13.0] 1.00 [1.00, 14.0] 1.00 [1.00, 14.0]

Undergraduate Course in Other Disciplines
Yes 30 (11.4 %) 12 (13.6 %) 42 (12.0 %)
No 233 (88.6 %) 76 (86.4 %) 309 (88.0 %)

Grant Holder
Yes 38 (14.4 %) 12 (13.6 %) 50 (14.2 %)
No 225 (85.6 %) 76 (86.4 %) 301 (85.8 %)

a All other administrative regions with a relative frequency of ≤ 5 % in the 
overall sample have been merged into the category “Others.”

J. Sinval et al.                                                                                                                                                                                                                                   Journal of Affective Disorders 364 (2024) 221–230

224



The goodness-of-fit indices were the scaled versions of NFI, TLI, CFI, 
RMSEA, SRMR, and χ2. Good values are NFI, TLI, CFI above 0.95 (Hu and 
Bentler, 1999) and RMSEA and SRMR below 0.08 (Browne and Cudeck, 
1993; Hu and Bentler, 1999). The analysis was performed using the 
lavaan package (Rosseel, 2012) with the weighted least squares mean 
and variance adjusted (WLSMV) estimator (Muthén, 1983). The sample 
size for the tested models was determined using the MBESS package 
(Kelley, 2023), following guidelines by Kelley and Lai (2018).

The reliability of the first-order factors was assessed via the ordinal 
version of ω (McDonald, 1999). For second-order factors the internal 
consistency estimators were ωL2 (proportion of the variance in the first- 
order factors that the second-order factor explains), ωpartial L1 (propor
tion of variance explained by the second-order factor after removing the 
uniqueness of the first-order factor), and ωL1 (proportion of the total 
score that the second-order factor accounts for). All internal consistency 
estimates were calculated using the semTools package (Jorgensen et al., 
2023).

The lavaan package was also used to test the structural model 
(Rosseel, 2012). Listwise deletion was implemented for missing data. All 
statistical analyses were carried out with α = 0.05. The diagrams were 
generated using the semPlot package (Epskamp, 2015) in conjunction 
with the semptools package (Cheung and Lai, 2023).

3. Results

3.1. Measurement model

The original dimensionality of the measurement model revealed a 
satisfactory fit to the data (n = 323; χ2

(647) = 1141.42; p < 0.001; CFI =
0.96; NFI = 0.92; TLI = 0.96; SRMR = 0.06; RMSEA = 0.05; CI 90 % 
(0.04; 0.05); p[RMSEA≤0.05] = 0.670). No modifications were introduced 
regarding the original dimensionality of each individual psychometric 
instrument. Only complete cases were used (listwise deletion).

The reliability of the scores was analyzed in terms of internal con
sistency, demonstrating satisfactory evidence: exhaustion (ω = 0.78); 
mental distance (ω = 0.79); cognitive impairment (ω = 0.81); emotional 
impairment (ω = 0.89); satisfaction with education (ω = 0.79); hope (ω 
= 0.76); optimism (ω = 0.83); resilience (ω = 0.77); efficacy (ω = 0.83); 
social support (ω = 0.85), and dropout intention (ω = 0.90). Similarly, 
the burnout (ωL2 = 0.87; ωpartial L1 = 0.94; ωL1 = 0.82) and PsyCap (ωL2 =

0.92; ωpartial L1 = 0.94; ωL1 = 0.87) second-order factors presented 
satisfactory evidence in terms of internal consistency.

Table 2 presents the latent correlations between the variables 
included in the measurement model. All latent correlations in the model 
showed the expected direction (p < 0.001).

3.2. Structural model

The original dimensionality of the structural model — Fig. 2 — 
revealed a satisfactory fit to the data (n = 323; χ2

(647) = 1141.42; p <
0.001; CFI = 0.96; NFI = 0.92; TLI = 0.96; SRMR = 0.06; RMSEA = 0.05; 
CI 90 % (0.04; 0.05); p[RMSEA≤0.05] = 0.670). Table 3 presents the latent 
regression coefficients for the tested direct, indirect, and total effects. 
PsyCap and social support showed statistically significant associations 
with burnout and with satisfaction with education (p ≤ 0.001). More 

specifically, higher levels of PsyCap and general social support are 
directly associated with reduced burnout and increased educational 
satisfaction, both factors that in turn present statistically significant 
relationships with dropout intentions.

Burnout displayed a positive direct relationship with dropout in
tentions (β̂ = 0.373; p = 0.002), while satisfaction with education had 
an inverse relationship (β̂ = − 0.249; p = 0.003). Interestingly, PsyCap 
also had a negative relationship with dropout intentions (β̂ = − 0.224;
p = 0.005), while social support does not show a direct significant as
sociation (β̂ = 0.052; p = 0.442).

The indirect effects also present meaningful findings. Both PsyCap 
and social support show statistically significant indirect effects on 
dropout intentions through a negative relationship with burnout and a 
positive relationship with satisfaction with education. This suggests that 
these variables are not only directly associated with dropout intentions, 
but also indirectly through their relationships with burnout and satis
faction with education.

In terms of total effects, PsyCap has a significant total negative effect 
on dropout intentions, both directly and indirectly. However, the total 
effect of social support on dropout intentions is not significant, indi
cating that its impact on dropout intentions is primarily through indirect 
means. The variance of the endogenous variables of interest explained 
by the model was large for burnout (r2 = 0.59), satisfaction with edu
cation (r2 = 0.35), and dropout intention (r2 = 0.52) (Cohen, 1988).

4. Discussion

The findings from the current study offer insights into the associa
tions between PsyCap, social support, burnout, educational satisfaction, 
and dropout intentions within the medical student population. This 
comprehensive understanding supports the notion that factors such as 
PsyCap and social support are instrumental in mitigating burnout and its 
associated risks, thereby influencing educational satisfaction and 
reducing the likelihood of dropout. Assuming the relation between 
burnout and more severe affective disorders, this also suggests that such 
conditions could be better managed or even preempted through targeted 
interventions that address these key areas.

Consistent with the first hypothesis (H1), the findings demonstrate 
that PsyCap serves as a significant correlate of burnout, satisfaction with 
education, and dropout intentions among medical students. Higher 
levels of PsyCap correlated with reduced burnout and increased 
educational satisfaction, which in turn were associated with decreased 
dropout intentions. These results support previous studies that highlight 
PsyCap as a relevant psychological asset fostering well-being and aca
demic success (Avey et al., 2009; Barratt and Duran, 2021; Luthans 
et al., 2007a; Sweet and Swayze, 2023). Moreover, this relationship 
emphasizes the potential of PsyCap to improve academic and emotional 
outcomes and to act as a buffer against the development of affective 
disorders within the stressful environment of medical education. The 
findings align with research by Sánchez-Cardona et al. (2021), which 
noted the positive impact of PsyCap on performance and satisfaction, 
further suggesting that enhancing PsyCap could be a strategic focus in 
preventative mental health interventions in medical schools.

The results partially supported the second hypothesis (H2), positing 
that social support significantly influences burnout and satisfaction with 

Table 2 
Latent correlations within the measurement model, mean and standard deviation of the raw scores.

Variable M SD 1 2 3 4

Burnout (1) 2.49 0.66
Satisfaction with Education (2) 4.06 0.68 − 0.70***
Psychological Capital (3) 4.27 0.80 − 0.73*** 0.56***
Social Support (4) 3.99 0.81 − 0.57*** 0.44*** 0.50***
Dropout Intention (5) 1.48 0.71 0.68*** − 0.61*** − 0.61*** − 0.38***

*** — p ≤ 0.001.
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education, though its direct impact on dropout intentions was not sig
nificant. However, the indirect effects of social support on dropout in
tentions via burnout and satisfaction with education were meaningful, 
indicating that in the current data, the effect of social support on 
reducing dropout intentions is primarily mediated through these factors. 
This finding aligns with existing literature that highlights the association 
of higher social support with reduced burnout and higher academic 
achievement (Abreu Alves et al., 2022; DeBerard et al., 2004). These 
indirect effects suggest that fostering a supportive network can help 
mitigate dropout intentions by reducing burnout and enhancing 
educational satisfaction. Social support emerges as an important 
element in comprehensive approaches to maintain student well-being 
and persistence in their educational trajectories (Robbins et al., 2004; 
Ye et al., 2021).

The findings supported the third hypothesis (H3) that burnout 
significantly associates with dropout intentions among medical stu
dents. Higher levels of burnout correlated with increased intentions to 
dropout, consistent with prior research underscoring the negative 
impact of burnout on student retention (Abreu Alves et al., 2022; Dyrbye 
et al., 2014). The results underline the need for effective strategies 
within medical education to alleviate burnout. Addressing burnout 
proactively could not only reduce dropout rates but also mitigate the 
progression towards more complex mental health challenges, thus 
enhancing both student well-being and their capacity to continue suc
cessfully in their medical training (Miyazaki et al., 2024).

The findings corroborate the fourth hypothesis (H4), demonstrating 
that higher satisfaction with education is associated with reduced 
dropout intentions among medical students. This relationship highlights 
the role of educational satisfaction in influencing students' decisions to 
continue their studies. Consistent with past research, educational satis
faction emerges as an important factor of student retention (Casanova 
et al., 2021a; Duque, 2014; Tinto, 1975). Importantly, the impact of 
educational satisfaction extends beyond retention, potentially influ
encing the broader psychological well-being of students (Franzen et al., 
2021; Zalazar-Jaime et al., 2022).

4.1. Implications for practice

This study highlights the role of PsyCap as a relevant correlate of 
burnout, satisfaction with education, and dropout intentions. Educa
tional institutions are thus encouraged to integrate targeted in
terventions aimed at improving PsyCap, which may include resilience 
training, activities to boost self-efficacy, and programs designed to 
cultivate hope and optimism (Liang et al., 2018; Luthans et al., 2014). 
Such interventions can serve dual purposes: directly enhancing aca
demic and emotional outcomes and indirectly preventing the onset or 
exacerbation of affective disorders among medical students.

Furthermore, the importance of social support in reducing burnout 
and improving educational satisfaction was evident, underscoring the 
necessity for medical schools to cultivate supportive learning 
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environments. Possible strategies could involve establishing mentorship 
programs, peer support groups, and regular interactions with academic 
advisors, all aimed at fostering a network of support that addresses both 
academic and mental health needs (Silva and Miyasaki, 2022).

Additionally, the significant role of burnout in relating to dropout 
intentions calls for proactive strategies to manage and prevent burnout 
among medical students (Madigan et al., 2023). Educational institutions 
should consider implementing stress management workshops, offering 
counseling services, and promoting a healthy balance between academic 
responsibilities and personal life. These measures can help mitigate 
burnout and its related affective disturbances, thus supporting student 
retention and well-being. By addressing these factors, educational in
stitutions can play a central role in shaping a more supportive and 
effective educational landscape for future healthcare professionals.

Lastly, the findings of this study emphasize the relevant role of 
increasing educational satisfaction in reducing dropout intentions 
among medical students. To achieve this, educational institutions might 

consider implementing regular feedback sessions that actively address 
student concerns, revising curricula to increase engagement, and 
maintaining high standards of teaching quality (Hénard, 2010; Patfield 
et al., 2022). Enhancing satisfaction may indirectly support mental 
health by creating a more positive and engaging learning experience, 
thereby reducing feelings of burnout and dissatisfaction that could lead 
to severe affective disturbances. Such proactive steps are relevant for 
fostering an educational atmosphere that not only retains students but 
also supports their mental and emotional well-being, ultimately pre
paring them for successful careers in healthcare.

4.2. Limitations and strengths

One of the limitations of the current study is the reliance on self- 
report measures, which may introduce response biases such as social 
desirability, potentially affecting the accuracy of the results. The self- 
reported nature of burnout assessments might not fully capture the 
underlying biological and psychological predispositions that contribute 
to affective disturbances observed in medical students. Future research 
could benefit from incorporating multimodal methods, including peer or 
teacher evaluations, objective biological markers (e.g., cortisol levels or 
neuroimaging data), or actual course dropout rates. These additions 
would help in understanding the complex associations of factors influ
encing burnout and dropout intentions, aligning with the continuum 
concept of affective disorders (Juster et al., 2010).

The cross-sectional design of this study limits our ability to draw 
inferences about the predictive relationships tested, particularly in un
derstanding the progression and temporal dynamics of symptoms that 
can precede burnout and dropout intentions among medical students. 
Longitudinal studies are central for tracking the evolution of these 
symptoms over time and for establishing causal links between early 
affective disturbances and later educational outcomes. Such studies 
would also contribute to the broader understanding of the continuum of 
affective disorders, from sub-threshold affective symptoms to more 
pronounced mood disturbances, as they manifest in high-stress envi
ronment (Maslach and Leiter, 2016).

The non-probability convenience sampling method employed in this 
study may limit the generalizability of the findings to the broader pop
ulation of medical students in Portugal. Moreover, the exclusive 
collection of data from a single faculty of medicine further restricts the 
applicability of the results. This limitation is particularly significant 
given the potential for varying biological, cultural, and educational 
backgrounds to influence the manifestation and progression of prodro
mal symptoms that can lead to burnout and dropout intentions. Future 
research should aim to utilize probabilistic sampling methods, include a 
more heterogeneous sample, and establish comparisons between stu
dents from different medical schools to explore the heterogeneity in 
etiological factors of mood disorders across different populations 
(Merikangas and Kalaydjian, 2007). This approach would enhance our 
understanding of the causal dimension in the continuum of affective 
disorders among medical students.

This study introduces a novel approach by examining burnout 
through an innovative conceptualization within the context of medical 
education (Schaufeli and De Witte, 2023). This provides a fresh 
perspective on a well-studied issue and contributes to a deeper under
standing of the factors influencing medical student dropout. Impor
tantly, our findings also shed light on potential affective spectrum 
syndromes, such as burnout. The ability of the study to explain a sig
nificant amount of variance in dropout intentions underscores the 
importance of PsyCap, social support, burnout, and satisfaction with 
education as associated variables. These factors highlight potential tar
gets for interventions designed not only to reduce dropout rates but also 
to address the broader spectrum of affective symptoms within the con
tinuum of mood disorders among medical students (Almutairi et al., 
2022; Dyrbye et al., 2006; Frajerman et al., 2019). This aligns with the 
growing recognition of the need for early identification and intervention 

Table 3 
Latent regression coefficients.

Path b̂ se z β̂ p 95%CI

Direct effect
Bur ← PsC − 0.637 0.076 − 8.334 − 0.592 <0.001 (− 0.787; 

− 0.487)
Bur ← SSp − 0.239 0.052 − 4.624 − 0.280 <0.001 (− 0.340; 

− 0.138)
StE ← PsC 0.606 0.092 6.572 0.449 <0.001 (0.425; 

0.787)
StE ← SSp 0.235 0.077 3.060 0.220 0.002 (0.084; 

0.385)
DrI ← Bur 0.473 0.149 3.167 0.373 0.002 (0.180; 

0.766)
DrI ← StE − 0.251 0.086 − 2.939 − 0.249 0.003 (− 0.419; 

− 0.084)
DrI ← PsC − 0.306 0.109 − 2.817 − 0.224 0.005 (− 0.519; 

− 0.093)
DrI ← SSp 0.056 0.070 0.800 0.052 0.424 (− 0.081; 

0.193)

Indirect effect
Indirect Effect 

(DrI ← Bur 
← PsC)

− 0.301 0.097 − 3.109 − 0.221 0.002 (− 0.491; 
− 0.111)

Indirect Effect 
(DrI ← Bur 
← SSp)

− 0.113 0.045 − 2.534 − 0.105 0.011 (− 0.200; 
− 0.026)

Indirect Effect 
(DrI ← StE 
← PsC)

− 0.152 0.056 − 2.737 − 0.112 0.006 (− 0.262; 
− 0.043)

Indirect Effect 
(DrI ← StE 
← SSp)

− 0.059 0.028 − 2.079 − 0.055 0.038 (− 0.115; 
− 0.003)

Total Effect
Total effect 

[DrI ← PsC 
+ (DrI ← 
Bur ← PsC)]

− 0.607 0.100 − 6.075 − 0.445 <0.001 (− 0.803; 
− 0.411)

Total effect 
[DrI ← SSp 
+ (DrI ← 
Bur ← SSp)]

− 0.057 0.073 − 0.776 − 0.053 0.438 (− 0.201; 
0.087)

Total effect 
[DrI ← PsC 
+ (DrI ← 
StE ← PsC)]

− 0.458 0.125 − 3.667 − 0.336 <0.001 (− 0.703; 
− 0.213)

Total effect 
[DrI ← SSp 
+ (DrI ← 
StE ← SSp)]

− 0.003 0.074 − 0.040 − 0.003 0.968 (− 0.149; 
0.143)

Note. Bur — Burnout; PsC — Psychological Capital; SSp — Social Support; StE — 
Satisfaction with Education; DrI — Dropout Intention.
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in mood disorders, which could be critical in settings such as medical 
schools where the pressure is high and the stakes are substantial.

5. Conclusion

This study explored the interrelations among PsyCap, social support, 
burnout, and satisfaction with education in medical students, confirm
ing the complexity of these relationships and their effects on dropout 
intentions. Notably, our findings emphasize the potential of burnout as 
an indicator of underlying disturbances that could be precursors or 
components of more severe affective disorders within this high-pressure 
group. Enhancing PsyCap and social support, alongside reducing 
burnout and improving educational satisfaction, might be important not 
only for preventing dropout but also for addressing the broader spec
trum of affective symptoms observed in medical students.

From a psychoeducational perspective, these findings underscore the 
importance of integrating mental health and resilience training into 
medical education curricula (Slavin et al., 2014; Wasson et al., 2016). 
Interventions such as stress management workshops, resilience-building 
programs, peer support networks (Walsh et al., 2019; Yusoff, 2014), and 
strategies to improve recovery from work could be particularly useful for 
their future work experiences (Sinval et al., 2021). Additionally, 
fostering an educational environment that promotes PsyCap — through 
activities that enhance hope, efficacy, resilience, and optimism — can 
potentially help mitigate burnout and improve satisfaction with edu
cation (Finch et al., 2023; Solms et al., 2024). Given that dropout in 
higher education is a significant concern for students, families, educa
tional institutions, and society, addressing these factors is crucial for 
empowering students and supporting their academic and professional 
success (Casanova et al., 2018, 2021b).

Further research is essential to validate these findings in different 
cultural and educational contexts and with more diverse, representative, 
and larger samples. Future studies should also explore additional vari
ables that may influence dropout intentions and the effectiveness of 
targeted interventions in mitigating both dropout rates and the pro
gression of affective symptoms. Despite its limitations, this study 
significantly contributes to our understanding of the factors influencing 
medical student dropout intentions and opens new avenues for research 
and interventions designed to support mental health and resilience in 
medical educational settings.

By implementing psychoeducational strategies and promoting a 
supportive learning environment, educational institutions can play a 
relevant role in enhancing student well-being and potentially reducing 
dropout rates (Casanova et al., 2018). Ultimately, this approach not only 
benefits individual students but also contributes to the development of a 
more resilient and effective future healthcare workforce (Prince et al., 
2007).
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